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Do People Vote with Their Feet?
An Empirical Test of Tiebout’s Mechanism

By H. SPENCER BANZHAF AND RANDALL P. WALSH*

Charles Tiebout’s suggestion that people “vote with their feet” for communi-
ties with optimal bundles of taxes and public goods has played a central role
in local public finance for over 50 years. Using a locational equilibrium model,
we derive formal tests of his premise. The model predicts increased popula-
tion density in neighborhoods experiencing exogenous improvements in public
goods and, for large improvements, increased relative mean incomes. We test
these hypotheses in the context of changing air quality. Our results provide
strong empirical support for the notion that households “vote with their feet”
for environmental quality. (JEL H41, H73, Q53, R23)

Charles Tiebout’s (1956) suggestion that people “vote with their feet” to find the commu-
nity that provides their optimal bundle of taxes and public goods has played a central role in
the theory of local public finance over the past 50 years, motivating such diverse literatures as
capitalization and “hedonics,” fiscal federalism, and the formation of endogenous public goods.
More recently, a new and growing empirical literature has leveraged the equilibrium properties
of the Tiebout model to identify general equilibrium models of household sorting (e.g., Patrick J.
Bayer and Christopher Timmins 2007; Maria Marta Ferreyra 2007; Holger Sieg et al. 2004).

Given the central importance of Tiebout’s insights, there have been surprisingly few direct
tests of his premise. Existing tests of the Tiebout model can be grouped into two broad catego-
ries. Indirect or implicit tests, the most common, have focused on deductive implications of the
model. For example, Wallace E. Oates’s (1969) seminal article on the link between local tax and
service packages and property values introduced a hedonic model as an implicit test of a Tiebout
equilibrium. Jan K. Brueckner (1982) tested implications of the model related to the efficient pro-
vision of public goods. In a recent paper reflecting on the impact of Tiebout’s model today, Oates
(2005) highlights the fact that many tests have focused on issues of stratification in demand for
public goods and the link between diversity across communities in income and public good pro-
vision (e.g., Edward M. Gramlich and Daniel L. Rubinfeld 1982; Dennis Epple and Sieg 1999,
Paul W. Rhode and Koleman S. Strumpf 2003).

Direct tests of actual migratory responses to public good provision—Tiebout’s mechanism of
people voting with their feet—have been less common. In this paper, we first provide a theoretical
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model that predicts relative increases in population density for neighborhoods that experience
an exogenous marginal improvement in public goods. For discrete improvements, the model
predicts increased relative population density in “most” cases and relative increases in mean
neighborhood income for “large” improvements (we clarify “most” and “large” below). To test
these effects, we use a difference-in-difference model, identifying the impact of entry and exit of
facilities that are required to report their releases of chemicals for the Toxics Release Inventory
(TRI), as well as changes in toxicity-weighted emissions levels, on population and demographic
composition. We also test for lagged responses to differing baseline exposure levels, which were
not publicly announced until 1989. As our unit of analysis, we use a set of “‘communities” defined
randomly in space by equally spaced half-mile circles. We control for demographics and other
location-specific effects using linear regression and, because migratory responses may be highly
nonlinear functions of demographics, we provide additional analysis using a bias-corrected non-
parametric matching estimator.

Consistent with the Tiebout model, we find clear evidence of migration correlated with TRI
facility emissions and their arrival to, or exit from, a community. Furthermore, we find evidence
that TRI facilities cause the composition of a community to become poorer over time. Thus,
we find support for the fundamental mechanism underlying the Tiebout model: households do
appear to vote with their feet in response to changes in public goods.

Our paper is not the first to look at such direct tests of Tiebout’s mechanism. Philip E. Graves
and Donald M. Waldman (1991) found that the elderly retire in counties where public goods are
capitalized more into wages than into land prices. Matthew E. Kahn (2000) found migration into
California counties with improving air quality. These tests have identified county differences on a
national or regional scale. Yet given constraints on mobility related to family, career, and other net-
works, residential responses to changes to public goods are most likely to occur within, rather than
across, metropolitan areas. Tests at a more local scale have been more modest. Vicki Been (1997)
finds little evidence of changes in demographic composition in census tracts following the citing
of hazardous waste treatment storage and disposal facilities. In a carefully conducted study of four
superfund sites, Trudy Ann Cameron and Ian McConnaha (2006) similarly find little evidence of
a pattern in demographic responses in nearby census tracts following the cleanup of a Superfund
site. Neither study examines effects on population density. Focusing largely on property value
responses, Michael Greenstone and Justin Gallagher (2006) likewise find that, among census tracts
hosting Superfund sites, those tracts eligible for federal cleanup experienced no consistent pattern
in population density or average income, compared to host tracts ineligible for such cleanup.

Nevertheless, two main concerns raise doubts about the inference that can be drawn from
these analyses. First, with the exception of Greenstone and Gallagher (2006), these studies use
only a very sparse set of econometric controls. Second, all of these studies use census tracts or
counties as the affected “community.” It is, however, not clear that the census tract is the appro-
priate “community” definition. Census tracts can vary significantly in size and are often quite
large, making it possible for their use as a “community” definition to mask demographic shifts
that occur within each tract. Additionally, because facilities are often located along census tract
boundaries, attaching facility effects to their host tract introduces significant noise to the empiri-
cal model. Finally, as we discuss below, tract-level demographic composition may be endogenous
to public goods if the US Census draws tract boundaries to make them more homogenous. Our
constructed communities are a response to these concerns.

I. Model

To motivate the empirical work that follows, we begin in the spirit of Tiebout (1956) and
explore the impacts of changing environmental quality on community composition within a
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simple general equilibrium model of location choice. In particular, we use a model of vertically
differentiated communities introduced by Dennis Epple, Radu Filimon, and Thomas Romer
(1984), a more general version of which was recently applied to environmental improvements
by Sieg et al. (2004).

Assume a continuum of households that are characterized by their income y. The distribution
of income is given by f(y) with continuous support over the interval [y;, y,]. Households choose
to live in one of J communities, indexed by j € {1,...,J}, and, conditional on location choice,
choose their optimal level of housing. Household preferences are represented by the indirect util-
ity function V(y, P,G), where P is the price of a unit of housing and G represents environmental
quality. The specification of V(.) also implicitly assumes the inclusion of a numeraire whose
price is normalized to 1; V(.) is assumed to be continuous with bounded first derivatives that
satisfy V, > 0, V; > 0, Vp, < 0. The associated housing demand function is assumed independent
of the level of G and is given by D(P,y), which is also continuous with bounded first derivatives
D, > 0 and Dp < 0. Demand is assumed to be strictly positive and bounded from above. Each
community is characterized by a continuous housing supply function S;(P) and an exogenously
determined level of environmental quality G;. It is assumed that for each community the housing
supply function incorporates a bounding price PJI- such that VP = P]l-, S;(P) =0 and VP > P]l-, 0
< §;(P) < (i.e., supply is zero at or below the bounding price and finite otherwise).

To facilitate a characterization of the equilibrium sorting of households across communities,
we further assume that household preferences satisfy the “single crossing” property. This condi-
tion requires that the slope of an indirect indifference curve in the (G, P) plane be increasing in
y.! Given the assumption of single crossing, equilibrium can be characterized by an ordering of
communities that is increasing in both P and G. That is, there is a clear ordering of communi-
ties from low-price, low-quality communities to high-price, high-quality communities. Further,
for each pair of “neighboring” communities (as sorted by this ranking), there will exist a set
of boundary households (uniquely identified by income level) which are indifferent between
the two communities. Households whose income is below the boundary income will prefer the
lower-ordered community, and those whose income is above the boundary income will prefer
the higher-ordered community. This leads to perfect income stratification of households across
communities.” Unique equilibrium prices P, and boundary incomes f/; ;+1 are implicitly defined
by the equilibrium conditions of equation (1):

) V(T 1.2, G) = V(T 11, Pi1. Gy V) E (Lo — 1,

=
MJ Dy ()dy = S'(B) Vi E{l,.... T},

where M is the total mass of households and C; is the set of incomes locating in community j.
These equations formalize the J — 1 boundary indifference conditions and the requirement that
the housing markets clear in each of the / communities, yielding 2J — 1 equations to identify the
2J — 1 endogenous variables.

To develop predictions from the model, we consider the case of two communities. We fix the
level of environmental quality in the second community, G,, and consider how the equilibrium
outcomes (community populations, incomes, and prices) change as the level of environmental
quality in Community 1, G,, changes. Further, to simplify exposition, we assume an interior

! For a discussion of the single-crossing property in this context, see Epple and Sieg (1999).

21t is straightforward to relax this assumption by introducing heterogeneity in tastes so that there exists income het-
erogeneity within each community, but perfect stratification by tastes for each income (see Epple and Sieg 1999; Sieg et
al. 2004). Accordingly, this assumption is not critical for the following implications of the model.
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equilibrium with the population in both communities strictly positive (P, > P}, P, > P}). We
begin by noting that if G, < G, (G, > G,) then the income sorting arising from the single-cross-
ing assumption implies that, in terms of mean income, y; <y, (¥, < y,;). Below, we outline the
proof of the following four propositions that characterize equilibrium dynamics. A graphical
treatment of the implications of these four propositions is presented in Figure 1.

PROPOSITION I: If G, # G,, then

dPOP, dPOP, dP, dp, dy, day,
> 0, <0,—>0,—<0,—>0,— >0.
dG, dG, dG, dG, dG, dG,

Proposition 1 follows directly from an evaluation of the comparative statics of the two-com-
munity version of equation (1). Using the implicit function theorem, first consider the impact of
increasing G, on the boundary income, dY; ,/dG;:

(2) dﬁ,Z _ - G,
dG, . > ’
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where V/ = V(I? 1.2, B, G;) and subscripts denote partial derivatives.

The key to signing the derivative in equation (2) is to recognize that the single crossing prop-
erty implies that (V)' - Vyz) < 0 and thus dl?,yz/dG, > 0.* Because of income stratification, this
implies that the population in Community 1 (Community 2) increases (decreases). Also note that
because the “new” households entering Community 1 and leaving Community 2 as the boundary
shifts out are of higher income level than all the original households, Y; increases. Conversely,
these households have income levels lower than all those remaining in Community 2, so there is
also an increase in Y. Thus, there is no prediction regarding the relative magnitudes of income
changes associated with marginal changes in G;.

For price impacts,

dp, ~V,,
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3 By the definition of )71,2, V(fm_f,_ G)= V(Yl,z,Pz G,). Since all those with incomes higher than )7,,2 prefer Com-
munity 2, V(Y,, + &, P| G) < V(Y , + & P, G,), Ve > 0.
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FIGURE 1. IMPACT OF CHANGES IN THE LEVEL OF PuBLIC GOODS ON COMMUNITY POPULATIONS

Notes: The level of the public good in Community 1, G, is increasing along the horizontal axis. The level of the public
good in Community 2 is held fixed at G,.

Again, it is straightforward to sign equation (3) and demonstrate that dP,/dG, > 0. Similar
analysis demonstrates that dP,/dG,; < 0.

PROPOSITION 2: When G, = G, there is a unique equilibrium price, Pg, _ G»» and a continuum
of equilibrium household sortings.

Proposition 2 follows from the fact that when G, = G, the communities are identical and an
interior solution requires that P, = P,. Further, single crossing no longer implies any particular
sorting of individuals. However, whatever the sorting of individuals, the sum of the demand
across both communities must equal the sum of supply across both communities. Thus, we have
the aggregate market clearing condition of equation (4):

€] M Le[” yh}D(y9FG,=Gz’ Gj)f()’) dy = s (FGI=GZ) + Sz(FGFGZ)-

Our assumptions on demand, supply, and the income distribution imply that there is a unique
price that solves equation (4). However, because in this special case all households are indifferent
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between communities, in equilibrium we can arbitrarily switch sets of households between the
two communities as long as the aggregate housing demand in each set is identical.

PROPOSITION 3: limg, P, = limg 6P, = Pg ¢, limg ¢ POP, > limg _,; POR,
limg ;- POP, < limg G+ POP,.

In other words, as the quality of G, surpasses G,, the price in Community 1 increases smoothly,
while the population drops discontinuously.

To see this, we begin by considering two related equilibria under the case of G; = G, and
P =pP,= PG. G, First, consider the case with complete positive income sorting. In this case, all
households with incomes less than some income level, denoted ¥, locate in Community 1 and
all others locate in Community 2. The second equilibrium is 1dentlcal, except that the income
sorting is reversed and all households with income greater than some level Y " locate in Com-
munity 1 and all others locate in Community 2. Note that, given the assumption that household
housing demands are independent of G, Y and Y are uniquely determined by the market clear-
ing conditions and will typically differ. Given our assumptions regarding well-behaved utility
and demand functions, Y, , =Y ,P=P,= PG. G, 18 the limiting equilibrium as G, approaches
G, from below, and Yl ,=Y" P =P, = Pg -, 1s the limiting equilibrium as G, approaches
G, from above. Thus, P, and P, are continuous functions of G, and limg _,;, P, = limg _,6 P, =
P —c,-

We now have only to show that the continuity of prices at G; = G, implies that limg, _,; PO,
> limg _,g; POR. To see this, note that as we approach G, = G, from either side, prices are
arbitrarily close to Py —,. At the limit, populations are determined by the market clearing condi-
tion evaluated at Pg —g,. But, because income sorting is completely reversed as G, exceeds G,,
when the limit is approached from the left, the incomes of households choosing Community 1
are lower than when the limit is approached from the right. Moreover, per capita housing and
land demand is higher for richer households. Thus, when evaluated at 130. -G, the market clearing
condition implies that Community I’s population is higher when approaching the limit from the
left than when approaching from the right. Thus, over some range of G, increases in G, that take
it above G, lead to a decrease in Community 1’s population.

A trivial corollary to Proposition 3 is that any change in G, that reverses the ordering of the
two communities in terms of their public good levels (taking G, from a level below G, to a
level above G,) will lead to an unambiguous increase in the relative mean incomes of the two
communities.

PROPOSITION 4: If dP,/dG, and dP,/dG, are bounded away from zero, then even in cases
where improvements in G| cause it to exceed the level of G,, for sufficiently large increases in
G, this increase will still result in an increase in POP,.

Proposition 4 follows directly from the fact that increases in G, can drive the price in
Community 2 arbitrarily close to P;, thus pushing its population toward zero and the population
of Community 1 arbitrarily close to M.

To clarify the implications of these propositions, Figure 1 graphs the populations of Commu-
nity 1 and Community 2 as a function of Gy, holding G, constant. As G, increases, the popula-
tion of Community 1 rises everywhere but at G; = G,, as shown by the solid line in the figure,
while the population in Community 2 falls everywhere but at G; = G,, as shown by the dashed
line. Populations always sum to M. Now, consider the case where G, is improved from an ini-
tial value of G{. Small improvements that keep G, below G, (Region A) result in an increase
in the population of Community 1 relative to that of Community 2 and, as discussed above,
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indeterminate changes in relative incomes. Once G, increases above G, (Regions B and C),
the income sorting is reversed and there is an unambiguous increase in Community 1’s income
relative to Community 2. However, for small increases above G, (Region B), there is actually
a drop in Community 1’s population relative to Community 2. For larger increases in G, (into
Region C), there is again an increase in the relative population of Community 1. It should also be
noted that this example was specifically constructed to guarantee the existence of Region B. If,
instead, G, had initially been at level G}, then any increase in G, would lead to a relative increase
in Community 1’s population.

To summarize, the model predicts that marginal increases in G, will lead to a relative increase
in the population of Community 1 “almost everywhere” (i.e., at all but one point). Large increases
in G, are likely to have the same effect, with the one exception being the case where G, just sur-
passes G, so that the income effect of housing demand dominates the population effect. The
model also predicts that large increases in G| will be associated with increases in Community 1’s
average income relative to that of Community 2.

A. Empirical Strategy

Of course, whether the changes in the pollution emissions and the presence of polluting facili-
ties studied here constitutes a “large” or a ““small” change is an empirical question.* We thus take
these hypotheses to the data and test for “scale effects” (increases in relative population follow-
ing improvements in public goods) and income effects.

Our analysis is at a much finer level of aggregation than has previously been considered in
the literature, focusing on communities defined by half-mile-diameter circles. To test for scale
and income effects, we relate 1990-2000 changes in community populations (in level terms and
percentage terms) and changes in income to changes in exposure to air pollution. Environmental
quality is measured as the toxicity-weighted exposure to air pollution released from sites listed
in the Toxics Release Inventory.

We employ a difference-in-difference design for the effect of 1990-2000 changes in pollution
on 1990-2000 changes in these demographic measures. One potential weakness with this analy-
sis is that if firms site their facilities based on local demographics or other confounding factors,
the relationship between changes in pollution and changes in demographics would be endog-
enous. To address this problem, we also identify lagged demographic responses to TRI sites that
predated the demographic changes, and can therefore be treated as exogenous. We discuss these
and other identification issues in more detail following a description of the data.

II. Data

Constructing the dataset necessary to test for environmentally induced migration requires
three related tasks. First, we identify a set of spatially delineated communities. Second, we con-
struct demographic composition measures for each community for 1990 and 2000. Finally, for
each community we construct measures of the toxicity-weighted level of exposure to air pollu-
tion in 1990 and 2000 based on data from the Toxics Release Inventory of the US Environmental
Protection Agency (EPA).

“1In previous empirical work with additional co-authors (Sieg et.al. 2004), we estimated a structural model, similar
in construction to the theoretical model presented here, using cross-sectional data for the Los Angeles Metropolitan
Area. That model suggests that 1990-1995 air quality changes would have induced 90 percent of the “communities”
(school districts in that model) to change their relative rank, holding air quality in all other communities at baseline
levels. This suggests that our model’s empirical predictions for income effects from nonmarginal changes are likely to
be empirically relevant for the TRI closings studied here.
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A. Definition of Communities

Our analysis requires a set of communities whose boundaries remain fixed between 1990 and
2000. One approach would be to use census tracts, block groups, or blocks as our community def-
inition. This approach is problematic because these definitions change. Been (1997) found that,
nationally, one-fifth of tracts had changed boundaries between decennial censuses. Moreover, the
use of census tracts as “communities” may itself be problematic for three reasons. First, census
tracts are locally defined to create relatively homogenous entities. Although some see this as a
virtue because it gives more integrity to the concept of community, such gerrymandering may
also bias empirical estimates. For example, if polluting sites have an impact on the demograph-
ics of only the most local neighborhoods, and these neighborhoods are conjoined with other
neighborhoods with similar characteristics to form census tracts, it would induce correlation
between the polluting site and the wider geographic entity (the tract). Second, although roughly
equal in population, census tracts range greatly in size. For example, in California, tracts range
from less than a tenth of a square mile to more than a thousand square miles. This large degree
of spatial heterogeneity creates problems when estimating migration models, as any impact of a
polluting facility may be diluted when averaging over a large area, but not in the smaller areas to
which these larger areas may be compared. Finally, previous research on the correlation between
demographics and environmental quality has shown that results can be quite sensitive to com-
munity definitions (Douglas L. Anderton et al. 1994; Robert Hersh 1995). Census tracts may be
too aggregate a unit and, in any case, preclude sensitivity analysis along these lines.

For these reasons, we take a different approach to neighborhood definitions. We define neigh-
borhoods as a set of half-mile-diameter circles (alternatively one-mile-diameter circles) evenly
distributed across our study area. Using the GIS software package ARCVIEW, we construct
weights that are used to attach environmental quality data from the TRI and demographic data
from census blocks to our communities.

The specifics of the data construction are as follows. First, to keep the data task manageable,
we restrict our analysis to California. California is attractive because of its racial heterogeneity
and because of its relative size. To further restrict the size of the data task and to reduce the het-
erogeneity between different communities, we limit our analysis to locations that were denoted
as urban in the 1990 Census. We construct our communities by first placing an equidistant grid
across our study area. Grid points are one-half mile apart for the half-mile circles and one mile
apart for the one-mile circles.’

Once grids that cover the entire state have been constructed (one each for the half-mile and
one-mile circles) a quarter-mile (half-mile) buffer is placed around each point in the grid, yield-
ing a set of circles a half-mile (one mile) in diameter that are evenly distributed across the state.
The set of circles that fall within the Census’s 1990 urban area boundaries is then selected, and
all circles that lie across water are dropped. This process yields 6,218 “communities” within one-
mile circles and 25,166 “communities” based on half-mile circles. Figure 2 shows the distribu-
tion of communities across the study area.

B. Census Data

As noted above, we aggregate demographic data from the 1990 and 2000 Censuses into our
circle-communities. We collected block-level data on the total populations, in terms of both

5 Because of the size of California, the distance between lines of longitude varies by approximately 13 percent as
one moves from its southern border to the northern border. To avoid an uneven sampling density between northern and
southern portions of the state, it is necessary to account for this variation. In particular, the grids are constructed using
the following factors: 1 degree of latitude = 69.172 miles and 1 degree of longitude = cos (latitude) * 69.172.
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FIGURE 2. LOCATION OF “COMMUNITIES”

individuals and households, and economic variables including homeownership rates, rental
rates, and self-assessed home values. We also collected block-group-level data, including aver-
age incomes, educational attainment, and workforce descriptors.

Demographic count data are then assigned to our communities. Specifically, for each block,
a share of each demographic count is assigned to communities based on the percentage of the
block’s geographic area lying within each community.® Even for our half-mile communities,
most blocks are assigned entirely to a single community, and 99 percent are assigned to five or
fewer. Table 1 summarizes the opposite mapping, the number of blocks assigned to each commu-
nity. Because of the splitting of blocks between 1990 and 2000, there are more blocks assigned
per circle in 2000 than in 1990. The fiftieth percentile ranges from a low of 10 blocks per circle
for half-mile circles (1990) to 38 for one-mile circles (2000).

Table 2 provides descriptive statistics of the demographic characteristics of the half-mile com-
munities. Note that they are easily comparable, since they are all circles of equal size (approxi-
mately 0.785 square miles). Most communities have small populations, with an average 1990
population of about 772 persons, but with a wide interquartile range of 98 to 1,162.

S For block group—level data, the values were distributed to the blocks based on population shares, then distributed
to the communities as for the block-level data.
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TABLE 1—ASSIGNMENT OF CENsUS BLockSs AND TRI EMissioNs TO CIRCLE COMMUNITIES

Half-mile circles One-mile circles
Count 25,166 6,218
Blocks per circle (1990)
25th percentile 4 11
50th percentile 10 29
75th percentile 19 55
Max 132 383
Blocks per circle (2000)
25th percentile 6 17
50th percentile 13 38
75th percentile 22 64
Max 136 408
Circles with TRI exposure
V4-mile buffer 3,109 1,295
V5-mile buffer 5,179 1,795
TRI sites for exposed circles
Y4-mile buffer
25th percentile 1 1
50th percentile 2 2
75th percentile 3 4
Max 19 25
Y2-mile buffer
25th percentile 1 1
50th percentile 2 2
75th percentile 4 5
Max 27 34
Circles per school district
25th percentile 45 14
50th percentile 93.5 27
75th percentile 169 47
Max 2,352 620
Circles per zip code
25th percentile 11 3
50th percentile 21 6
75th percentile 35 9
Max 190 49
C. TRI Data

As a measure of pollution exposure, we use the EPA’s Toxics Release Inventory to find releases
of air pollution at facilities throughout California. These sites may be perceived as a disamenity
through several channels. First, they may simply be visually unattractive sites. Second, their air
pollution may have an unpleasant odor or may cause respiratory irritation. Finally, since 1987,
facilities handling more than 10,000 pounds each year of certain hazardous chemicals have
been required to report these emissions. These data first became publicly available in 1989 and
are routinely publicized by environmental activists. Because these data first became available
immediately prior to our 1990-2000 study period, we might also expect to find lagged migratory
responses to earlier emissions.

For our measure of exposure, we use a toxicity-weighted index of all emissions in the TRI”
based on weights developed by the EPA and available in its Risk Screen Environmental Indicators

7 The list of reporting chemicals expanded in 1994. To maintain a consistent comparison of TRI emissions over
time, we have limited the data to the common set of chemicals used since 1988. This judgment should not make much
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TABLE 2—DESCRIPTIVE STATISTICS OF THE DATA FOR HALF-MILE CIRCLE COMMUNITIES

Baseline demographic data (1990) Mean Standard deviation
Population (density) 772 930
Share black 0.05 0.11
Share Hispanic 0.19 0.20
Share Asian 0.08 0.10
Share other minority 0.01 0.02
Percentage households with single-parent families 0.08 0.07
Mean rental rate ($) 689 263
Mean housing value ($) 229,872 138,199
Share owning their homes 0.66 0.27
Percentage employed 0.94 0.05
Percentage of employed in manufacturing, if employed 0.15 0.08
Percentage not graduating from high school 0.10 0.07
Percentage with bachelor’s degree 0.49 0.14
Average household income ($) 46,461 21,551

Changes in demographics (1990-2000)

Population 92 256
Income 23,035 24,086

TRI data
Share with baseline TRI exposure (1988-1990) 0.10 NA
Share with new TRI exposure (1998-2000) 0.01 NA
Share losing TRI exposure (1998-2000) 0.04 NA
Baseline emissions 300,714 4,718,020
Baseline emissions, among those exposed 3,006,542 1.46¢e7

Locational data
1990 FBI crime index 0.08 0.28
Change in crime index -0.03 0.14
Distance to coast 47.2 453
Degrees latitude 35.41 2.03
School or zip code fixed effects NA NA

model (RSEI).® Because of the TRI reporting threshold and their self-reported nature, these data
all involve some measurement error, which is likely to have a conservative effect on our results,
biasing them to zero (see Scott de Marchi and James T. Hamilton (2006) for an evaluation of the
data). In sensitivity analyses, we also consider nonweighted emissions and the simple presence
of a polluting site.

The latitude and longitude for each facility were taken from a recent careful quality control
analysis by the EPA.° This geographic information allows a match of facilities to our commu-
nities. We construct buffers (quarter-mile and half-mile) around each TRI site and then assign
emissions from a given TRI site to the communities that lie within the given buffer. The sample
of TRI sites is the 2,311 California TRI sites located such that a half-mile buffer intersects at
least one community. Figure 3 illustrates the approach used to assign emissions for the case of
half-mile TRI buffers and one-mile circles. In the figure, the shaded circles are half-mile buffers
around four TRI sites. The unshaded circles are communities. Emissions from a given TRI site
are assigned to communities based on the percentage of their buffers that lie within a given com-
munity. For instance, in Figure 3, 3.1 percent of the emissions from TRI site A are assigned to
community N1, 17.9 percent to community N2, and 52.4 percent to community N3. In this way,

difference, as the new pollutants are less hazardous and the correlation between 2000 emissions with and without the
new chemicals is 0.94.

8 Information about this model is available at http:/www.epa.gov/opptintr/rsei/.

9 This quality control analysis provides a predicted accuracy for each site’s location data. Fifteen sites are dropped
because of poor-quality geo-coding data.
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FIGURE 3. HALF-MILE BUFFERS (SHADED) AND CIRCLE COMMUNITIES (UNSHADED) AROUND FouR TRI SITES

Note: # designates TRI sites.

we can consistently aggregate emissions levels from multiple TRI sites into a total exposure in
each community.

Table 1 summarizes the assignment of all TRI sites, active at some time during the 1988-2000
time period, to communities for each community-size, buffer-size pair. For those communities
that are exposed to at least one TRI site, the table summarizes the distribution of the number of
sites to which each community is exposed. In all cases, the fiftieth percentile is two sites, with
the maximum exposure going as high as 34 sites in the case of one-mile circles and one-mile
TRI buffers. On a community basis, Table 2 indicates that 10 percent of half-mile communities
were exposed in the baseline period (1988-1990), with 4 percent losing exposure by 1998-2000
and 1 percent gaining exposure. The table also reports mean toxicity-weighted exposure among
all communities and among those exposed.

D. Additional Spatial Variables

Several factors, including other spatially distributed amenities, are likely to drive sorting
across communities and should be controlled for as well. As controls, we include crime rates
and, in some models, coarse locational measures, including distance to the coast and degrees
latitude. However, our main approach to controlling for unobserved spatial amenities is local
fixed effects. We use two sets of fixed effects: school districts and zip codes. Both are very local
measures that are consistent with the notion that households are likely to choose a larger area
based on other factors and then sort within that area based on the most local amenities. School
districts have the advantage of mapping directly into an important local public good whose qual-
ity is otherwise notoriously difficult to measure, allowing us to hold district level quality and
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changes in quality constant in our comparisons. We find the share of each community that falls
within each of the 226 school districts in our urban areas and assign a continuous variable on
[0,1] to that community for each school district. Seventy-six percent of half-mile communities
lie entirely within one school district, 21 percent within two, and the remaining 3 percent within
three or four. Table 1 shows the distribution of the number of communities falling within each
school district. Zip codes are even more local measures. Here, we assign each community to one
of the 883 zip codes in our study area based on the zip code of the community centroids. Table 1
reports the distribution of communities across zip codes. The median zip code is assigned 21
half-mile circles and 6 one-mile circles.

III. Estimation and Results

Using these data, we test for differential changes in community population and income that
are induced by changes and baseline differences in TRI emissions. Our primary results center
on models using half-mile-diameter communities and half-mile-diameter buffers around TRI
facilities. We consider respective one-mile diameters in sensitivity analyses.

A. Estimation Strategy

The strongest prediction of the Tiebout model is that the introduction of a TRI facility should
cause individuals to leave the community (and that the exit of a facility should cause them to enter).
To test this hypothesis, we regress both level changes and percentage changes in population from
1990 to 2000 on baseline TRI exposure, changes in TRI exposure, and additional controls.' To test
for income effects, we use changes in mean income as the dependent variable. As discussed below,
we also consider a nonparametric matching estimator as an alternative to linear regression.

TRI exposure is measured as the three-year lagged average, anchored respectively on 1990
and 2000, of the toxicity-weighted emissions of the 1988-defined chemicals, allocated to each
community as described previously. As exposure variables, we include measures of both shocks
and baseline exposure. As shocks, we include discrete indicators for when a community changes
status from exposed to not exposed (or vice versa), plus continuous measures of the change in
emissions levels (which picks up the magnitude of those entering or exiting facilities as well as
changes at those continuously emitting). Because in reality populations do not adjust instanta-
neously, we also include an indicator and continuous measure of 1990 exposure to pick up lagged
reactions to previous exposure. These lagged responses may be particularly important when we
consider that emissions levels were not reported prior to 1989.

The model for the scale effect regression analysis is presented in equation (5):

) APOP; = &, + 5BLIiBL + 8NEWIiNEW + 8EXITIiEXIT + 5in/990 + 8Ay+(Ayi|Ayi >0)

+ 84 (AylAy,<0) + 8,D; + 8,L; + u,.
where APOP is the change (or percentage change) in population from 1990 to 2000; I%F, I'EY,
and I**'" are indicator variables for whether the community had any 1990 baseline exposure,
went from no exposure to some exposure, or went from some exposure to no exposure; y;**’ is
the level of baseline toxicity-weighted exposure; Ay /Ay; > 0 is the change in toxicity-weighted

19To develop an operable definition of a percentage change, we use the average of the 1990 and 2000 levels in the
denominator. Within our data, this measure is approximately normally distributed and is bounded above and below by
+2 and -2, respectively.
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exposure, if positive; and Ay;IAy;<0 is the change in toxicity-weighted exposure, if negative. D;
represents demographic variables and L; represents locational variables. For regression models
of income effects, APOP; is simply replaced by AINC;.

To test our model’s predictions, we focus on three treatment effects. The “average effect of
baseline TRI exposure” estimates the average differential effect on a neighborhood’s 1990-2000
population change from being exposed to TRI emissions in 1990. The “average effect of new
TRI exposure” estimates the average differential effect on a previously unexposed neighborhood
of becoming exposed to TRI emissions. And the “average effect of exiting TRI exposure” esti-
mates the average differential effect on a previously exposed neighborhood of losing all its TRI
exposure. These treatment effects are calculated as combinations of the estimated coefficients on
both indicator and continuous variables. Specifically,

o ~ (1
©6) Average baseline treatment = 8y, + §, ( Y oy 0> ,
“\Npy i€BL

o ~ 1
Average new treatment = Sypy + Op, 4 < > Ayi) ,
B NEW IENEW

Average exit treatment = SEX,T + éAy, ( _ yi> ,
Neyr i€EXIT

where, for example, Ny, is the number of communities with baseline exposure. Thus, the esti-
mated effect of average baseline TRI exposure, relative to no exposure, is the estimated coef-
ficient on the indicator variable for exposure, plus the estimated coefficient on the continuous
measure of exposure times the average baseline exposure among those communities with base-
line exposure. Similar logic holds for the effect of new and exiting exposure. Note that the first
two treatments are relative to communities that never experience exposure, while the exit treat-
ment is relative to the set of communities that had baseline exposure.

We estimate four basic regression models with different levels of controls for confounding
factors (the D and L variables). Our first model includes no controls. While clearly lacking any
pretense to identifying causality, this model does give a signal as to the correlation between
migration and changed exposure. Our second model controls for the baseline demographic vari-
ables listed in Table 2, plus squares of these terms. As an important spatial amenity, it also
includes the FBI crime rate imputed from overlapping political jurisdictions and spatial effects
measured by latitude and distance to the coast in kilometers. Our third and fourth models con-
tain the same demographic controls but replace the spatial variables with school district fixed
effects and zip code fixed effects, respectively. Finally, all models are estimated with and without
baseline population weights for the communities.

Before turning to the results, we consider some of the potential limitations associated with
these data and with our experimental design, and we discuss their implication for interpreting
our results. In most cases, the potential limitations will tend to bias our results toward zero, so
that our tests can be described as conservative. First, note that we are essentially comparing
treatment communities within our TRI buffers to control communities outside them, but we
cannot know the true area of impact of the TRI facilities. If a TRI facility’s actual impact is
narrower than our buffers, the treatment communities will be contaminated by control areas,
diluting the differential. On the other hand, if its actual impact is wider than our buffers, the
TRI facilities will have some impact on our control communities, again diluting the identi-
fied differential. Moreover, this latter effect is accentuated by our local fixed effects, since the
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nearest control communities are the most likely to also be affected by the TRI facility. Thus, we
essentially identify only the differential effect of the polluting facilities on the nearest (and most
affected) communities relative to the next-nearest.

Second, as noted above, TRI emissions are censored based on threshold quantities of indi-
vidual chemicals handled by the facilities. This suggests that some low-level emissions go unde-
tected. To the extent that this in turn means that some communities diagnosed as controls are in
fact exposed, the estimated differential is again diluted. For these reasons, if we find migration
effects with these data, using this design, we have reason to be confident in the existence of
Tiebout effects related to pollution.

Finally, consider the potential issues related to endogeneity of the treatments. Our baseline treat-
ment has the strongest claim to exogeneity, since historical exposure cannot be the consequence
of future changes in local demographics. However, two potential problems arise with endogeneity
for our new treatment and exit treatment. First, changes in a neighborhood’s TRI emissions are
likely associated with changes in that neighborhood’s economic conditions. Such changes in eco-
nomic conditions can reasonably be expected to be associated with changes in the neighborhood’s
population and/or demographic mix, leading to problems of endogeneity and biased estimates.
Similarly, firms’ decisions about opening and closing polluting facilities may be made partly in
response to changes in local labor market conditions. Our response to these concerns is the inclu-
sion of the local spatial fixed effects for school districts or zip codes. The relevant spatial scale for
considering economic conditions and labor market opportunities in a locational choice is likely
much wider than the scale of environmental amenities. If labor and other economic opportunities
are roughly equal within a given school district or zip code, but if the environmental disamenities
(actual pollution exposure, smell, or sight) of a polluting facility differ by our half-mile commu-
nities within those areas, restricting comparisons to being within the school district or zip code
through fixed effects will effectively eliminate the endogeneity problem.

A more troublesome problem with endogeneity arises for our new and exit treatments if pol-
Iuting firms make entry and exit decisions based on the demographics of the community affected
by the disamenity per se. Note, however, that the relevant issue is not the baseline demographics
of the affected community but, rather, firms’ response to forecasted changes in demographics
from 1990 to 2000.

B. Scale Effects

The results from our scale-effect models are presented in Tables 3A and 3B. Both the weighted
and the unweighted models fit reasonably well given the cross-sectional nature of the data, with
R?s of 0.04 to 0.18 for models with controls but no fixed effects and 0.09 to 0.58 for the fixed
effect models. Aside from the important impact of the TRI sites, we find that denser commu-
nities gain more people from 1990 to 2000, as do communities with lower housing prices but
higher rental rates. We also find statistically significant nonlinear adjustments to baseline racial
composition.

Table 3A presents the estimated scale effects associated with toxic emissions from TRI sites
from the unweighted regressions. The table includes estimates for models with changes in popu-
lation level and percentage changes in population as the dependent variable, for each of the three

' As a plausibility check on this strategy, we compared the predicted treatment effects from a model that includes as
controls only zip code fixed effects to a model that includes all of our controls in addition to the zip code fixed effect. If
the zip code fixed effect fails to control for observed confounding factors, one might call into question the assumption
that it controls for the effect of unobserved spatially varying covariates. We find that the zip code fixed effects control
quite effectively for the observable covariates, with point estimates on the treatment effects close and confidence inter-
vals overlapping for the two specifications.
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TABLE 3A—ESTIMATED SCALE EFFECTS: UNWEIGHTED"

Average effect of Average effect of Average effect of

baseline TRI exposure new TRI exposure exiting TRI exposure R?
Effect on population levels
No controls =30 (<0.01) -13 0.37) 43 (<0.01) 0.00
Basic controls 54 (<0.01D) =35 (<0.01) 39 (<0.0D 0.07
School district fixed effects =59 (<0.01) =35 (<0.01) 42 (<0.01) 0.11
Zip code fixed effects 71 (<0.01) =36 (<0.01) 45 (<0.01) 0.26
Matching estimator =32 (<0.01) 27 (0.16) 31  (<0.01) —
Effect on percentage change in population
No controls -15.6 (<0.01) =53  (0.29) 71 (0.04) 0.00
Basic controls -10.7 (<0.01) =73 (0.11) 5.0 (0.09) 0.04
School district fixed effects -10.3 (<0.01) -8.3  (0.07) 6.1 (0.04) 0.09
Zip code fixed effects -12.0 (<0.01) -9.3  (0.05) 6.3  (0.04) 0.19
Matching estimator -10.7 (<0.01) —12.11 (0.05) 4.3  (0.04) —

Notes: Standard errors for matching models based on Abadie and Imbens (2006). “Basic controls” include latitude, dis-
tance to coast, 1990 crime rates, changes in crime rates, 1990 population density, mean rental payments, mean hous-
ing values, the percent of households owning their home, the percent employed in manufacturing, the percent without
a high school diploma, the percent with a bachelor’s degree, household income, the percent of the population that is
black, Hispanic, Asian, or other race, and the percent of households with single-parent families, and squares of these
demographic variables. Fixed effect models are the same with the exception that the relevant fixed effects replace lati-
tude and distance to coast.
#See equation (6) for definition of the treatment effects. p-values for treatment effect in parentheses.

treatment effects. Both the change in level and percentage change models provide statistically sig-
nificant, policy-relevant evidence of migratory scale effects consistent with the Tiebout hypoth-
esis. Focusing on the percentage change model, on average, baseline exposure to TRI emissions
is associated with relative population declines that range from 10 to 16 percent, depending on the
model. Likewise, the appearance of new toxic emissions in a previously untreated neighborhood
is associated with population declines between 5 and 9 percent. Finally, the model predicts con-
sistent responses in the opposite direction for communities that lose exposure. On average, these
communities are predicted to experience population gains of 5 to 7 percent.

The unweighted models take communities as their unit of analysis. They tell a story about
what is happening at different places. As such, we view this approach as appropriate for evalu-
ating the effect of Tiebout forces across spatially differentiated neighborhoods. From a policy
perspective, however, we might be equally interested in understanding the average effect of these
changes on the population. To better understand how populations are behaving, we rerun these
regressions weighting by the baseline population. These weighted regressions are reported in
Table 3B. The table indicates a similar qualitative pattern of migratory responses, but with level
effects somewhat higher and percentage effects much lower than the unweighted regressions.
This result is not unexpected, since the weighting scheme underweights less-populated areas,
where larger percentage changes in populations are more likely to occur. In general, the effects
continue to be statistically significant—with the exception of the estimated effect for new TRI
exposure, which remains negative but loses significance in some models. We interpret these
results as strong evidence in support of the scale effects predicted by our theoretical model.

To verify the robustness of these results, we employ a large number of sensitivity analyses.
First, as an alternative to changes in population, which could be partly affected by family size
and age, we used changes in the number of households as the dependent variable, continu-
ing to find qualitatively similar and statistically significant effects. Second, we replicated the
reported models with one-mile-diameter (versus half-mile) communities. For baseline exposure,
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TABLE 3B—ESTIMATED SCALE EFFECTS: POPULATION-WEIGHTED®

Average effect of Average effect of Average effect of

baseline TRI exposure new TRI exposure exiting TRI exposure R?
Effect on population levels
No controls -46 (0.07) —-18 (0.43) 81 (<0.01) 0.00
Basic controls =81 (<0.01) -39 (<0.01) 71 (<0.01) 0.18
School district fixed effects -84 (<0.01) =31 (0.13) 78 (<0.01) 0.25
Zip code fixed effects -108  (<0.01) -42 (0.07) 78  (<0.01) 0.58
Matching estimator -43  (<0.01) 42 (<0.01) 46  (<0.01) —
Effect on percentage change in population
No controls -2.6 (0.1 0.8 (0.50) 3.0  (0.02) 0.00
Basic controls -3.6  (0.01) -0.7  (0.58) 2.6 (0.03) 0.05
School district fixed effects -4.0 (<0.01) -1.0 (0.38) 3.0 (0.01) 0.10
Zip code fixed effects -4.7 (<0.01) -1.6 (0.19) 29 (<0.01) 0.24
Matching estimator -1.1 ~ (0.16) -39 (0.01) 1.7 (<0.01) —

Notes: Standard errors for matching models based on Abadie and Imbens (2006). “Basic controls” include latitude, dis-
tance to coast, 1990 crime rates, changes in crime rates, 1990 population density, mean rental payments, mean hous-
ing values, the percent of households owning their home, the percent employed in manufacturing, the percent without
a high school diploma, the percent with a bachelor’s degree, household income, the percent of the population that is
black, Hispanic, Asian, or other race, and the percent of households with single-parent families, and squares of these
demographic variables. Fixed effect models are the same with the exception that the relevant fixed effects replace lati-
tude and distance to coast.
#See equation (6) for definition of the treatment effects. p-values for treatment effect in parentheses.

the effects are of greater magnitude (even in percentage terms) for unweighted models and, for
weighted models, are likewise greater for the models with no controls and basic controls, but
quite similar for the models with fixed effects. The estimated effects for new and exiting TRI
exposure are also similar.

Third, we tested many alternative definitions of the exposure variable. In particular, we used
one-mile buffers around TRI facilities instead of half-mile buffers. We also used 1990 and 2000
emissions only (rather than three-year averages), raw emissions levels unweighted by toxicity, and
a measure of emissions that treated each facility equally (so that communities differed only in the
number of TRI sites to which they were exposed and their proximity to those communities). None
of these sensitivity analyses changed the qualitative nature of the results, although the latter model
did lower the magnitude of the effects, suggesting that actual pollution levels are important.

Fourth, we also estimated separate models on subsets of the data: on only those communities
with no baseline exposure, to estimate the effect of a new exposure; on only those communities
with baseline exposure, to estimate the effect of losing exposure; and on only those communities
that do not change status over time, to estimate the effect of baseline exposure. None of these
variations changed our results. Fifth and finally, to relax the restriction that treatment effects are
the same throughout California, we considered separate analyses of the LA metro area alone and
the San Francisco Bay area alone, but again found similar results. Thus, our evidence is highly
robust and strongly consistent with the Tiebout hypothesis.

C. Income Effects

Although our theory model provides strong predictions regarding scale effects, it predicts
income effects only for large changes in public goods that affect the relative rankings of the com-
munities. Nonmarginal changes in exposure caused by exiting and entering TRI facilities may
well qualify as such changes. In any case, these income effects remain of empirical interest.
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To test for income effects, we reestimate the scale effects model using as dependent variables
the change in average household income from 1990 to 2000. The fit is reasonably good with
R?s of 0.31 and 0.42 for models with statistical controls but no fixed effects, and 0.41 to 0.60
for models with fixed effects. Table 4A presents the effects of average TRI exposure using the
unweighted model. Baseline TRI exposure causes communities to have a differential growth in
average income of about $2,000 or $3,000 less than that experienced by the controls. Consistent
with the small number of communities gaining exposure, the new exposure treatment generally
does not have a statistically significant effect, although in the specifications where it does, the
effect is in the expected direction of lower income growth. As expected, losing TRI exposure
generally has the opposite effects, and these effects are statistically significant for most models.
Our results are not as robust to weighting by population, as reported in Table 4B, with some of
the parameter estimates becoming statistically insignificant, although again where they are sig-
nificant they are consistent with expectations. We also subjected these models to the same sen-
sitivity tests described above for the scale effects, and again found qualitatively similar results.
Consistent with our predictions for “large” changes in public goods, these results provide addi-
tional evidence in support of Tiebout’s mechanism.

D. Nearest-Neighbor Matching

As noted above, we find evidence of nonlinear migratory responses to baseline racial composi-
tion, suggesting it may be difficult to control for these effects parametrically. To better account for
the uncertainty about functional form, we also nonparametrically match each community receiv-
ing a TRI “treatment” to a set of control communities with similar observable characteristics,
and then compare their migration patterns. Symmetrically, we match each control community
to a set of treatment communities with similar characteristics. Under controlled experiments, a
treatment is given randomly so that, by design, the expected values of unobserved variables are
the same in the treatment and control groups. In a quasi experiment, treatment and nontreatment
observations are grouped by other observed variables and compared conditional on those vari-
ables. In our case, the three treatments are the presence of baseline TRI exposure among the set
of communities that do not change exposure status over time; the move to exposure among those
communities that did not experience baseline exposure; and the ending of exposure among those
communities exposed in the baseline. These three treatment definitions mirror the estimated
treatment effects from the simple linear models presented in Tables 3 and 4.

This approach relaxes the need for functional form assumptions about the controlling vari-
ables. Further, it weakens the necessary assumptions regarding the error term, requiring only
that, conditional on the observables, the expected value of the error term is equal for the treat-
ment and control cases. This is in contrast to the classical assumption that, conditional on the
observables, the expected value of the error term is zero. (See James J. Heckman, Hidehiko
Ichimura, and Petra Todd 1997, 1998; Rajeev H. Dehejia and Sadek Wahba 2002.)

Under the standard matching model, observations are grouped by values of the observables
(baseline racial composition, density, and other locational amenities or proxies) and, within
each cell, differences in outcomes between treated and untreated observations are calculated.
However, the number of cells required to do this can be prohibitively large. Paul R. Rosenbaum
and Donald B. Rubin (1983) showed that when a large number of observed variables create too
many empty cells, one can, instead, match on a univariate index representing overall distance in
the space of observables between a treatment observation and its matched control(s).

We estimate the Euclidian distance between communities in the space of the same set of
observables from the regression models. The universe of potential control communities is defined
to eliminate confounding treatments. For each community receiving one of these respective TRI
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TABLE 4A—ESTIMATED INCOME EFFECTS: UNWEIGHTED"

Average effect of Average effect of Average effect of
baseline TRI exposure new TRI exposure exiting TRI exposure ~ R?
No controls 7,619 (<0.01) -7,652 (<0.01) 1,899 (<0.01) 0.01
Basic controls -2,618 (<0.01) 624  (0.52) 1,344  (0.06) 0.31
School district fixed effects -2,458 (<0.01) =277  (0.75) 1,693  (0.01) 0.41
Zip code fixed effects -2,194 (<0.01) -189  (0.82) 1,416  (0.03) 0.50
Matching estimator 3,182 (0.01) -6,115 (<0.01) 530  (0.33) —

#See footnote for Table 3.

TABLE 4B—ESTIMATED INCOME EFFECTS: POPULATION-WEIGHTED?

Average effect of Average effect of Average effect of
baseline TRI exposure new TRI exposure exiting TRI exposure ~ R*
No controls -3,951 (<0.01) 5,205 (<0.01) 784  (0.18) 0.01
Basic controls =362  (0.33) 216 (0.77) =35 (0.94) 0.42
School district fixed effects 179 (0.62) -937  (0.18) -22 (0.96) 0.51
Zip code fixed effects 222 (0.55) =795  (0.23) 126 (0.76) 0.60
Matching estimator -2,433 (<0.01) -2,015 (<0.01) 30 (0.93) —

*See footnote for Table 3.

treatments, we compare its scale and income effects to the average among four nearest (most
“similar”’) control communities. The difference, the estimated treatment effect, corresponds to
the first terms in equation (6) (without the continuous terms). To account for the potential bias
associated with a comparison with control communities having slightly different observables, we
adjust for these differences using linear regression.'?

The last row in each section of Tables 3 and 4 reports the sample average treatment effect from
the nearest-neighbors matching estimator. Standard errors are computed using the approach pro-
posed by Alberto Abadie and Guido Imbens (2006). Qualitatively, most outcomes are unchanged
from the regression models and are consistent with our derived hypotheses, with one exception.
For the “new exposure” treatment, the outcome for the raw scale effect (but not percentage
changes) reverses signs."? Overall, however, the results provide more evidence of the scale and
income effects predicted by the model.'

IV. Conclusions

Tiebout’s suggestion that people vote with their feet to find the community that provides their
optimal tax and public goods pair has played a central role in the theory of local public finance
and is central to the study of numerous policy issues including school quality, pollution, housing

12 1n particular, we estimate a linear regression of the respective outcomes on characteristics among control com-
munities. When matching, we then net out the effect predicted to be due to the differences in observable variables. That
is, we net out B(X,.ear — Xeonror)» Where X represents the vector of y;, D;, and L;.

13 This anomaly is eliminated when focusing on the average effect among treated communities only, in contrast to
the average effect on the entire sample. It is also eliminated when using any number of matches that meet a strict crite-
rion of “similarity,” rather than always four. Both of these qualifications suggest the sign change is likely the result of
the small number of “new” treatments available for matching to the control communities.

1% In addition to the simple nearest-neighbors estimates reported here, we also estimate the treatment effect by
further restricting the match to those control communities located within the same school district as the treated com-
munity, an approach analogous to our fixed effects regression models. The results remain unchanged when we restrict
the matches to those within the same school district.
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policy, and taxation. Despite its importance, this model has been subjected to few direct tests of
its basic mechanism: households adjusting locations in responses to changes in these amenities.

Toward this end, we use changes in the emissions of toxic air pollutants across spatially delin-
eated neighborhoods to test for environmentally motivated migration patterns associated with
increased demand for land in improving neighborhoods, and which may alter the demographic
mix between richer and poorer households. Using a new approach to community definition that
overcomes the problems associated with the use of census tracts, in conjunction with better
controls for potentially confounding factors than have been used in previous studies, we provide
the strongest evidence to date of the link between changes in environmental quality and local
changes in community demographics. We find strong evidence of scale effects of a magnitude
that is both statistically significant and empirically relevant. We also find evidence of income
effects that suggest that pollution in a given location is associated with the emigration of richer
households and/or immigration of poorer households.

Our results are consistent with the hypotheses generated from a simple Tiebout model and
affirm Tiebout’s hypothesis that households do “vote with their feet” in response to local public
goods. They also are consistent with recent findings on the potential gentrification effects of
exogenous improvements in local amenities (Sieg et al. 2004; Jacob Vigdor 2002).

REFERENCES

» Abadie, Alberto, and Guido W. Imbens. 2006. “Large Sample Properties of Matching Estimators for Aver-
age Treatment Effects.” Econometrica, 74(1): 235-67.

Anderton, Douglas L., Andy B. Anderson, John Michael Oakes, and Michel R. Fraser. 1994. “Environ-
mental Equity: The Demographics of Dumping.” Demography, 31(2): 229-48.

» Bayer, Patrick, and Christopher Timmins. 2007. “Estimating Equilibrium Models of Sorting Across
Locations.” Economic Journal, 117(518): 353-74.

Been, Vicki, and Francis Gupta. 1997. “Coming to the Nuisance or Going to the Barrios? A Longitudinal
Analysis of Environmental Justice Claims.” Ecology Law Quarterly, 24: 1-56.

» Brueckner, Jan K. 1982. “A Test for Allocative Efficiency in the Local Public Sector.” Journal of Public
Economics, 19(3): 311-31.

» Cameron, Trudy Ann, and Ian T. McConnaha. 2006. “Evidence of Environmental Migration.” Land Eco-
nomics, 82(2): 273-90.

» De Marchi, Scott, and James T. Hamilton. 2006. “Assessing the Accuracy of Self-Reported Data: An Eval-
uation of the Toxics Release Inventory.” Journal of Risk and Uncertainty, 32(1): 57-76.

» Dehejia, Rajeev H., and Sadek Wahba. 2002. “Propensity Score-Matching Methods for Nonexperimental
Causal Studies.” Review of Economics and Statistics, 84(1): 151-61.

» Epple, Dennis, Radu Filimon, and Thomas Romer. 1984. “Equilibrium Among Local Jurisdictions: Toward
an Integrated Treatment of Voting and Residential Choice.” Journal of Public Economics, 24(3): 281-308.

» Epple, Dennis, and Holger Sieg. 1999. “Estimating Equilibrium Models of Local Jurisdictions.” Journal of
Political Economy, 107(4): 645-8]1.

» Ferreyra, Maria Marta. 2007. “Estimating the Effects of Private School Vouchers in Multidistrict Econo-
mies.” American Economic Review, 97(3): 789-817.

» Gramlich, Edward M., and Daniel L. Rubinfeld. 1982. “Micro Estimates of Public Spending Demand
Functions and Tests of the Tiebout and Median-Voter Hypotheses.” Journal of Political Economy,
90(3): 536-60.

Graves, Philip E., and Donald M. Waldman. 1991. “Multimarket Amenity Compensation and the Behavior
of the Elderly.” American Economic Review, 81(5): 1374-81.

Greenstone, Michael, and Justin Gallagher. 2006. “Does Hazardous Waste Matter? Evidence from the
Housing Market and the Superfund Program.” MIT Department of Economics Working Paper 05-27.

»Heckman, James J., Hidehiko Ichimura, and Petra E. Todd. 1997. “Matching as an Econometric Evalu-
ation Estimator: Evidence from Evaluating a Job Training Programme.” Review of Economic Studies,
64(4): 605-54.

» Heckman, James J., Hidehiko Ichimura, and Petra E. Todd. 1998. “Matching as an Econometric Evalua-
tion Estimator.” Review of Economic Studies, 65(2): 261-94.


http://pubs.aeaweb.org/action/showLinks?crossref=10.1007%2Fs10797-006-6666-3&citationId=p_7
http://pubs.aeaweb.org/action/showLinks?system=10.1257%2Faer.97.3.789&citationId=p_11
http://pubs.aeaweb.org/action/showLinks?crossref=10.1016%2F0047-2727%2884%2990012-4&citationId=p_9
http://pubs.aeaweb.org/action/showLinks?crossref=10.2307%2F2971733&citationId=p_15
http://pubs.aeaweb.org/action/showLinks?crossref=10.3368%2Fle.82.2.273&citationId=p_6
http://pubs.aeaweb.org/action/showLinks?crossref=10.1086%2F250074&citationId=p_10
http://pubs.aeaweb.org/action/showLinks?crossref=10.1111%2Fj.1468-0262.2006.00655.x&citationId=p_1
http://pubs.aeaweb.org/action/showLinks?crossref=10.1162%2F003465302317331982&citationId=p_8
http://pubs.aeaweb.org/action/showLinks?crossref=10.1086%2F261073&citationId=p_12
http://pubs.aeaweb.org/action/showLinks?crossref=10.1111%2Fj.1468-0297.2007.02021.x&citationId=p_3
http://pubs.aeaweb.org/action/showLinks?crossref=10.1016%2F0047-2727%2882%2990059-7&citationId=p_5
http://pubs.aeaweb.org/action/showLinks?crossref=10.1111%2F1467-937X.00044&citationId=p_16

VOL. 98 NO. 3 BANZHAF AND WALSH: AN EMPIRICAL TEST OF TIEBOUT 863

Hersh, Robert. 1995. “Race and Industrial Hazards: An Historical Geography of the Pittsburgh Region,
1900-1990.” Resources for the Future Discussion Paper 95-18.

» Kahn, Matthew E. 2000. “Smog Reduction’s Impact on California County Growth.” Journal of Regional
Science, 40(3): 565-82.

P Oates, Wallace E. 1969. “The Effects of Property Taxes and Local Public Spending on Property Values:
An Empirical Study of Tax Capitalization and the Tiebout Hypothesis.” Journal of Political Economy,
77(6): 957-71.

Oates, Wallace E. 2005. “The Many Faces of the Tiebout Model.” In The Tiebout Model at Fifty: Essays
in Public Economics in Honor of Wallace Oates, ed. William A. Fischel, 21-45. Cambridge, MA: Lin-
coln Institute of Land Policy.

»Rhode, Paul W., and Koleman S. Strumpf. 2003. “Assessing the Importance of Tiebout Sorting: Local
Heterogeneity from 1850 to 1990.” American Economic Review, 93(5): 1648-77.

» Rosenbaum, Paul R., and Donald B. Rubin. 1983. “The Central Role of the Propensity Score in Observa-
tional Studies for Causal Effects.” Biometrika, 70(1): 41-55.

Rubinfeld, Daniel L. 1987. “The Economics of the Local Public Sector.” In Handbook of Public Econom-
ics. Vol. 2, ed. Alan J. Auerbach and Martin Feldstein, 571-645. Amsterdam: North-Holland.

»Sieg, Holger, V. Kerry Smith, H. Spencer Banzhaf, and Randy Walsh. 2004. “Estimating the General
Equilibrium Benefits of Large Changes in Spatially Delineated Public Goods.” International Economic
Review, 454): 1047-77.

» Tiebout, Charles. 1956. “A Pure Theory of Local Expenditures.” Journal of Political Economy 64(5):
416-24.

»Vigdor, Jacob L. 2002. “Does Gentrification Harm the Poor?” Brookings-Wharton Papers on Urban
Affairs: 133-73.


http://pubs.aeaweb.org/action/showLinks?system=10.1257%2F000282803322655482&citationId=p_21
http://pubs.aeaweb.org/action/showLinks?crossref=10.1111%2F0022-4146.00188&citationId=p_18
http://pubs.aeaweb.org/action/showLinks?crossref=10.1086%2F257839&citationId=p_25
http://pubs.aeaweb.org/action/showLinks?crossref=10.1093%2Fbiomet%2F70.1.41&citationId=p_22
http://pubs.aeaweb.org/action/showLinks?crossref=10.1086%2F259584&citationId=p_19
http://pubs.aeaweb.org/action/showLinks?crossref=10.1111%2Fj.0020-6598.2004.00297.x&citationId=p_24
http://pubs.aeaweb.org/action/showLinks?crossref=10.1353%2Furb.2002.0012&citationId=p_26

This article has been cited by:

1.

5.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

Tobias Riittenauer, Henning Best. 2022. Perceived pollution and selective out-migration: revisiting
the role of income for environmental inequality. Journal of Ethnic and Migration Studies 48:15,
3505-3523. [Crossref]

. Pengyu Zhu, Xinying Tan, Songnian Zhao, Shuai Shi, Mingshu Wang. 2022. Land use regulations,

transit investment, and commuting preferences. Land Use Policy 122, 106343. [Crossref]

. Richard T. Melstrom. 2022. Residential demand for sediment remediation to restore water quality:

Evidence from Milwaukee. Journal of Environmental Economics and Management 116, 102731.
[Crossref]

. Pierre Levasseur, Katrin Erdlenbruch, Christelle Gramaglia. 2022. The health and socioeconomic

costs of exposure to soil pollution: evidence from three polluted mining and industrial sites in Europe.
Journal of Public Health 30:10, 2533-2546. [Crossref]

Wei Zhang. 2022. Too smoggy for kids to go to school? Air quality and preschool enrollments in
Chinese cities. Journal of the Agricultural and Applied Economics Association . [Crossref]

.Qiankun Zhong, Seth Frey, Martin Hilbert. 2022. Quantifying the Selective, Stochastic, and

Complementary Drivers of Institutional Evolution in Online Communities. Entropy 24:9, 1185.

[Crossref]

. Trang Hoang. 2022. Fiscal competition and state pension reforms. Public Budgeting ¢ Finance 42:3,

41-70. [Crossref]

. Kevin Berry, Alexander James, Brock Smith, Brett Watson. 2022. Geography, Geology, and Regional

Economic Development. Journal of Environmental Economics and Management 115, 102715. [Crossref]

. Irene Jacqz. 2022. Toxic test scores: The impact of chemical releases on standardized test performance

within U.S. schools. Journal of Environmental Economics and Management 115, 102628. [Crossref]
Camila H. Alvarez, Anna Calasanti, Clare Rosenfeld Evans, Kerry Ard. 2022. Intersectional inequalities
in industrial air toxics exposure in the United States. Health ¢ Place 77, 102886. [Crossref]

Yexin Zhou, Bo Yuan, Bin Liang, Qi Cui, Shengling Zhang, Juan He. 2022. How does perceived
environmental pollution affect migration interests: adapt or flee?. Applied Economics 7, 1-21. [Crossref]
David S. Bieri, Nicolai V. Kuminoff, Jaren C. Pope. 2022. National expenditures on local amenities.
Journal of Environmental Economics and Management 117, 102717. [Crossref]

Loren March, Susannah Bunce. 2022. Placing the more-than-human in environmental gentrification.
Transactions of the Institute of British Geographers 21. . [Crossref]

Zhengtao Li, Henk Folmer. 2022. Air pollution and perception-based averting behaviour in the
Jinchuan mining area, China. The Annals of Regional Science 2. . [Crossref]

Fang Xu, Yujin Xie, Di Zhou. 2022. Air pollution’s impact on the settlement intention of domestic
migrants: Evidence from China. Environmental Impact Assessment Review 95, 106761. [Crossref]

Tao Lin, Wenhao Qian, Hongwei Wang, Yu Feng. 2022. Air Pollution and Workplace Choice:
Evidence from China. International Journal of Environmental Research and Public Health 19:14, 8732.
[Crossref]

Jinghua Lei, Jenny Ligthart, Mark Rider, Ruixin Wang. 2022. Fiscal fragmentation and crime control:
Is there an efficiency-equity tradeoff?. International Tux and Public Finance 29:3, 751-787. [Crossref]
Clément Carbonnier. 2022. Local Determinants of Municipal Public Finance: The Case of Quebec
in 2018. Canadian Public Policy 48:2, 285-303. [Crossref]

David Wolf, H. Allen Klaiber, Sathya Gopalakrishnan. 2022. Beyond marginal: Estimating the
demand for water quality. Resource and Energy Economics 68, 101299. [Crossref]


https://doi.org/10.1080/1369183X.2022.2030211
https://doi.org/10.1016/j.landusepol.2022.106343
https://doi.org/10.1016/j.jeem.2022.102731
https://doi.org/10.1007/s10389-021-01533-x
https://doi.org/10.1002/jaa2.28
https://doi.org/10.3390/e24091185
https://doi.org/10.1111/pbaf.12315
https://doi.org/10.1016/j.jeem.2022.102715
https://doi.org/10.1016/j.jeem.2022.102628
https://doi.org/10.1016/j.healthplace.2022.102886
https://doi.org/10.1080/00036846.2022.2102130
https://doi.org/10.1016/j.jeem.2022.102717
https://doi.org/10.1111/tran.12563
https://doi.org/10.1007/s00168-022-01157-3
https://doi.org/10.1016/j.eiar.2022.106761
https://doi.org/10.3390/ijerph19148732
https://doi.org/10.1007/s10797-021-09692-z
https://doi.org/10.3138/cpp.2021-046
https://doi.org/10.1016/j.reseneeco.2022.101299

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

Jianhong Cao, Siong Hook Law, Desheng Wu, Xianghua Tang, Xiaodong Yang. 2022. Effect of
Digital Financial Inclusion on Dredging the Path of Green Growth—New Evidence From Front-End
and Back-End Perspectives. Frontiers in Environmental Science 10. . [Crossref]

Jaehyun Jung, Anna Choi, Semee Yoon. 2022. Transboundary air pollution and health: evidence from
East Asia. Environment and Development Economics 27:2, 120-144. [Crossref]

Wesley Blundell, Anatolii Kokoza. 2022. Natural gas flaring, respiratory health, and distributional
effects. Journal of Public Economics 208, 104601. [Crossref]

Asaf Bernstein, Stephen B. Billings, Matthew T. Gustafson, Ryan Lewis. 2022. Partisan residential
sorting on climate change risk. Journal of Financial Economics 108. . [Crossref]

Elaine L. Hill, Lala Ma. 2022. Drinking water, fracking, and infant health. Journal of Health Economics
82, 102595. [Crossref]

Lopamudra Chakraborti, Jay P. Shimshack. 2022. Environmental disparities in urban Mexico:
Evidence from toxic water pollution. Resource and Energy Economics 67, 101281. [Crossref]

Lianying Yao, Xuewen Li, Rongrong Zheng, Yiye Zhang. 2022. The Impact of Air Pollution
Perception on Urban Settlement Intentions of Young Talent in China. International Journal of
Environmental Research and Public Health 19:3, 1080. [Crossref]

Jia Liu, Xuefeng Pan, Yuanyu Qu, Chenyu Wang, Weixing Wu. 2022. Air pollution, human capital and
corporate social responsibility performance: evidence from China. Applied Economics 54:4, 467-483.
[Crossref]

Stefan Jestl, Mathias Moser, Anna Katharina Raggl. 2022. Cannot keep up with the Joneses: how
relative deprivation pushes internal migration in Austria. International Journal of Social Economics
49:2, 210-231. [Crossref]

Mohamed Boly, Jean-Louis Combes, Pascale Combes Motel, Sonia Schwartz. Environmental
Awareness and Electoral Outcomes 1-26. [Crossref]

E. Lance Howe, Lee Huskey. 2022. Crossing Frozen Ground: Tiebout, local public goods, place
amenities, and rural-to-rural migration in the Arctic. Journal of Rural Studies 89, 130-139. [Crossref]

Zhihao Zhao, Xin Lao, Hengyu Gu, Hanchen Yu, Ping Lei. 2021. How does air pollution affect urban
settlement of the floating population in China? New evidence from a push-pull migration analysis.
BMC Public Health 21:1. . [Crossref]

Yong Chen, David J. Lewis, Bruce Weber. 2021. Natural amenities and skill sorting in rural
communities: a case study of land conservation policy. The Annals of Regional Science 67:3, 649-669.
[Crossref]

Wenzhong Zhang, Jing Cao, Ju He, Li Chen. 2021. City Health Examination in China: A
Methodology and Empirical Study. Chinese Geographical Science 31:6, 951-965. [Crossref]

Tobias Riittenauer, Henning Best. 2021. Environmental Inequality and Residential Sorting in
Germany: A Spatial Time-Series Analysis of the Demographic Consequences of Industrial Sites.
Demography 58:6, 2243-2263. [Crossref]

Siyu Chen, Lingyun He. 2021. Air Pollution and Medical Insurance: From a Health-Based
Perspective. Sustainability 13:23, 13157. [Crossref]

Zhihao Zhao, Jiangtao Pan, Ping Lei. 2021. Real curve: Identifying and quantifying the real
environmental effects on migration in China. Ecological Indicators 133, 108348. [Crossref]

Dede Long, David Lewis, Christian Langpap. 2021. Negative Traftic Externalities and Infant Health:

The Role of Income Heterogeneity and Residential Sorting. Environmental and Resource Economics
80:3, 637-674. [Crossref]


https://doi.org/10.3389/fenvs.2022.865229
https://doi.org/10.1017/S1355770X21000115
https://doi.org/10.1016/j.jpubeco.2022.104601
https://doi.org/10.1016/j.jfineco.2022.03.004
https://doi.org/10.1016/j.jhealeco.2022.102595
https://doi.org/10.1016/j.reseneeco.2021.101281
https://doi.org/10.3390/ijerph19031080
https://doi.org/10.1080/00036846.2021.1963413
https://doi.org/10.1108/IJSE-03-2021-0181
https://doi.org/10.1007/978-3-319-57365-6_249-1
https://doi.org/10.1016/j.jrurstud.2021.11.008
https://doi.org/10.1186/s12889-021-11711-x
https://doi.org/10.1007/s00168-021-01060-3
https://doi.org/10.1007/s11769-021-1239-z
https://doi.org/10.1215/00703370-9563077
https://doi.org/10.3390/su132313157
https://doi.org/10.1016/j.ecolind.2021.108348
https://doi.org/10.1007/s10640-021-00601-w

38.

39.

40.

41.

42.

43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

Juliana Carneiro, Matthew A. Cole, Eric Strobl. 2021. The Effects of Air Pollution on Students’
Cognitive Performance: Evidence from Brazilian University Entrance Tests. Journal of the Association
of Environmental and Resource Economists 8:6, 1051-1077. [Crossref]

David Castells-Quintana, Elisa Dienesch, Melanie Krause. 2021. Air pollution in an urban world: A
global view on density, cities and emissions. Ecological Economics 189, 107153. [Crossref]

Samuel Lindgren. 2021. The coast is clear: Shipping emission standards, air quality and infant health.
Transportation Research Part D: Transport and Environment 100, 103067. [Crossref]

Shuyu Xue, Bohui Zhang, Xiaofeng Zhao. 2021. Brain drain: The impact of air pollution on firm
performance. Journal of Environmental Economics and Management 110, 102546. [Crossref]

Catherine Hausman, Samuel Stolper. 2021. Inequality, information failures, and air pollution. Journal
of Environmental Economics and Management 110, 102552. [Crossref]

Li Wang, Yunhao Dai, Dongmin Kong. 2021. Air pollution and employee treatment. Journal of
Corporate Finance 70, 102067. [Crossref]

Karen Clay, Margarita Portnykh, Edson Severnini. 2021. Toxic Truth: Lead and Fertility. Journal of
the Association of Environmental and Resource Economists 8:5, 975-1012. [Crossref]

Yingjie Zhang, Tianzheng Zhang, Yingxiang Zeng, Chang Yu, Sigi Zheng. 2021. The rising and
heterogeneous demand for urban green space by Chinese urban residents: Evidence from Beijing.
Journal of Cleaner Production 313, 127781. [Crossref]

Ryan M. Gallagher. 2021. Income segregation's impact on local public expenditures: Evidence from
municipalities and school districts, 1980-2010. Regional Science and Urban Economics 90, 103710.
[Crossref]

Greg Howard, Arianna Ornaghi. 2021. Closing Time: The Local Equilibrium Effects of Prohibition.
The Journal of Economic History 81:3, 792-830. [Crossref]

Alexandre Godzinski, Milena Suarez Castillo. 2021. Disentangling the effects of air pollutants with
many instruments. Journal of Environmental Economics and Management 109, 102489. [Crossref]

Pierre Levasseur, Katrin Erdlenbruch, Christelle Gramaglia. 2021. Why Do People Continue to
Live Near Polluted Sites? Empirical Evidence from Southwestern Europe. Environmental Modeling &
Assessment 26:4, 631-654. [Crossref]

Jichun Zhao, Hongbiao Wang, Jianxin Guo. 2021. Smog Avoidance Investment While Improving Air
Quality: Health Demand or Risk Aversion? Evidence from Cities in China. International Journal of
Environmental Research and Public Health 18:15, 7788. [Crossref]

Alan 1. Barreca, Matthew Neidell, Nicholas J. Sanders. 2021. Long-run pollution exposure and
mortality: Evidence from the Acid Rain Program. Journal of Public Economics 200, 104440. [Crossref]

Erin T. Mansur, Glenn Sheriff. 2021. On the Measurement of Environmental Inequality: Ranking
Emissions Distributions Generated by Different Policy Instruments. Journal of the Association of
Environmental and Resource Economists 8:4, 721-758. [Crossref]

Dakshina G. De Silva, Robert P. McComb, Anita R. Schiller, Aurelie Slechten. 2021. Firm behavior
and pollution in small geographies. European Economic Review 136, 103742. [Crossref]

Xiaoxiao Liu, Xueying Dong, Shan Li, Yueting Ding, Ming Zhang. 2021. Air pollution and high
human capital population migration: An empirical study based on 35 major cities in China. Sustainable
Production and Consumption 27, 643-652. [Crossref]

Yuxi Luo, Zhaohua Zhang, Jun Zheng, Diane Hite. 2021. The Neighborhood Effects of a Place-

Based Policy—Causal Evidence from Atlanta’s Economic Development Priority Areas. Sustainability
13:12, 6808. [Crossref]


https://doi.org/10.1086/714671
https://doi.org/10.1016/j.ecolecon.2021.107153
https://doi.org/10.1016/j.trd.2021.103067
https://doi.org/10.1016/j.jeem.2021.102546
https://doi.org/10.1016/j.jeem.2021.102552
https://doi.org/10.1016/j.jcorpfin.2021.102067
https://doi.org/10.1086/714351
https://doi.org/10.1016/j.jclepro.2021.127781
https://doi.org/10.1016/j.regsciurbeco.2021.103710
https://doi.org/10.1017/S0022050721000346
https://doi.org/10.1016/j.jeem.2021.102489
https://doi.org/10.1007/s10666-021-09753-x
https://doi.org/10.3390/ijerph18157788
https://doi.org/10.1016/j.jpubeco.2021.104440
https://doi.org/10.1086/713113
https://doi.org/10.1016/j.euroecorev.2021.103742
https://doi.org/10.1016/j.spc.2021.01.032
https://doi.org/10.3390/su13126808

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.
68.

69.

70.

71.

72.
73.

74.

Moon Joon Kim, Xiaolin Xie, Xiaochen Zhang. 2021. How Does an Environmental Amenity
Attract Voluntary Migrants? Evidence from Ambient Air Quality in China. Sustainability 13:12, 6872.
[Crossref]

Michael Greenstone, Guojun He, Shanjun Li, Eric Yongchen Zou. 2021. China’s War on Pollution:
Evidence from the First 5 Years. Review of Environmental Economics and Policy 15:2, 281-299.
[Crossref]

Anna Rita Germani, Pasquale Scaramozzino, Angelo Castaldo, Giuseppina Talamo. 2021. Does air
pollution influence internal migration? An empirical investigation on Italian provinces. Environmental
Science & Policy 120, 11-20. [Crossref]

Xiao Wang, George Deltas, Madhu Khanna, Xiang Bi. 2021. Community Pressure and the Spatial
Redistribution of Pollution: The Relocation of Toxic-Releasing Facilities. Journal of the Association of
Environmental and Resource Economists 8:3, 577-616. [Crossref]

Daniel Wiese, Antoinette M. Stroup, Aniruddha Maiti, Gerald Harris, Shannon M. Lynch, Slobodan
Vucetic, Victor H. Gutierrez-Velez, Kevin A. Henry. 2021. Measuring Neighborhood Landscapes:
Associations between a Neighborhood’s Landscape Characteristics and Colon Cancer Survival.
International Journal of Environmental Research and Public Health 18:9, 4728. [Crossref]

Ludovica Gazze. 2021. The price and allocation effects of targeted mandates: Evidence from lead
hazards. Journal of Urban Economics 123, 103345. [Crossref]

Shuhei Nishitateno, Paul J. Burke. 2021. Willingness to pay for clean air: Evidence from diesel vehicle
registration restrictions in Japan. Regional Science and Urban Economics 88, 103657. [Crossref]
Mohammad Rahim Rahnama, Shirin Sabaghi Abkooh. 2021. The effect of air pollutant and built
environment criteria on unhealthy days in Mashhad, Iran: Using OLS regression. Urban Climate 37,
100836. [Crossref]

Juan Zhu, Dequan Jiang, Yongjian Shen, Yuxin Shen. 2021. Does regional air quality affect executive
turnover at listed companies in China?. Economic Modelling 97, 428-436. [Crossref]

Hui-Chun Peng. 2021. An experimental study on voluntary vs. compulsory provision of public goods
under the vote-with-feet mechanism. Evolutionary and Institutional Economics Review 18:1, 1-19.
[Crossref]

Wenling Liu, Chenyi Du, Xiaopeng Chu, Zhaohua Wang. 2021. “Inverted quarantine” in the face
of environmental change: Initiative defensive behaviors against air pollution in China. Sustainable
Production and Consumption 26, 493-503. [Crossref]

Spencer Banzhaf. 2021. Difference-in-Differences Hedonics. Journal of Political Economy . [Crossref]

PAT AKEY, IAN APPEL. 2021. The Limits of Limited Liability: Evidence from Industrial Pollution.
The Journal of Finance 76:1, 5-55. [Crossref]

Michelle Marcus. 2021. Going Beneath the Surface: Petroleum Pollution, Regulation, and Health.
American Economic Journal: Applied Economics 13:1, 72-104. [Abstract] [View PDF article] [PDF
with links]

Alexandra Aragio. Strong Institutions for Territorial Justice 1-13. [Crossref]
Marcus Matthias Keupp. Institutions and Armed Forces 23-65. [Crossref]
Alexandra Aragio. Strong Institutions for Territorial Justice 877-889. [Crossref]

Panle Jia Barwick, Dave Donaldson, Shanjun Li, Yatang Lin, Deyu Rao. 2021. Improved
Transportation Infrastructure Facilitates Adaptation to Pollution and Temperature Extremes. SSRN
Electronic Journal 103. . [Crossref]

Douglas Gollin, Martina Kirchberger, David Lagakos. 2021. Do urban wage premia reflect lower
amenities? Evidence from Africa. Journal of Urban Economics 121, 103301. [Crossref]


https://doi.org/10.3390/su13126872
https://doi.org/10.1086/715550
https://doi.org/10.1016/j.envsci.2021.02.005
https://doi.org/10.1086/711656
https://doi.org/10.3390/ijerph18094728
https://doi.org/10.1016/j.jue.2021.103345
https://doi.org/10.1016/j.regsciurbeco.2021.103657
https://doi.org/10.1016/j.uclim.2021.100836
https://doi.org/10.1016/j.econmod.2020.04.011
https://doi.org/10.1007/s40844-020-00192-z
https://doi.org/10.1016/j.spc.2020.12.024
https://doi.org/10.1086/714442
https://doi.org/10.1111/jofi.12978
https://doi.org/10.1257/app.20190130
http://pubs.aeaweb.org/doi/pdf/10.1257/app.20190130
http://pubs.aeaweb.org/doi/pdfplus/10.1257/app.20190130
http://pubs.aeaweb.org/doi/pdfplus/10.1257/app.20190130
https://doi.org/10.1007/978-3-319-71066-2_129-1
https://doi.org/10.1007/978-3-030-73815-0_2
https://doi.org/10.1007/978-3-319-95960-3_129
https://doi.org/10.2139/ssrn.3814060
https://doi.org/10.1016/j.jue.2020.103301

75.

76.

77.

78.

79.

80.

81.

82.

83.

84.

85.

86.

87.

88.

89.

90.

91.

92.

93.

Stephan Heblich, Alex Trew, Yanos Zylberberg. 2020. East Side Story: Historical Pollution and
Persistent Neighborhood Sorting. Journal of Political Economy . [Crossref]

Katie Jo Black, Mallory Richards. 2020. Eco-gentrification and who benefits from urban green
amenities: NYC’s high Line. Landscape and Urban Planning 204, 103900. [Crossref]

Wai-Man Liu, Phong Ngo. 2020. Voting with your feet: Political competition and internal migration
in the United States. European Journal of Political Economy 65, 101931. [Crossref]

Glenn Sheriff, Kelly B. Maguire. 2020. Health Risk, Inequality Indexes, and Environmental Justice.
Risk Analysis 40:12, 2661-2674. [Crossref]

Ziming Liu, Lu Yu. 2020. Stay or Leave? The Role of Air Pollution in Urban Migration Choices.
Ecological Economics 177, 106780. [Crossref]

Laura A. Bakkensen, Lala Ma. 2020. Sorting over flood risk and implications for policy reform.
Journal of Environmental Economics and Management 104, 102362. [Crossref]

Tianzheng Zhang, Yingxiang Zeng, Yingjie Zhang, Yan Song, Hongxun Li. 2020. The Heterogenous
Demand for Urban Parks between Home Buyers and Renters: Evidence from Beijing. Sustainability
12:21, 9058. [Crossref]

Tianzheng Zhang, Yingxiang Zeng, Yingjie Zhang, Yan Song, Hongxun Li. 2020. Dynamic and
Heterogeneous Demand for Urban Green Space by Urban Residents: Evidence from the Cities in
China. Sustainability 12:22, 9384. [Crossref]

Renaud Coulomb, Yanos Zylberberg. 2020. Environmental risk and the anchoring role of mobility
rigidities. Journal of the Association of Environmental and Resource Economists . [Crossref]

Feng Wang, Min Wu. 2020. Does air pollution affect the accumulation of technological innovative
human capital? Empirical evidence from China and India. Journal of Cleaner Production 124818.
[Crossref]

Patrick Gourley. 2020. What are the Long-Term Effects of Prenatal Air Pollution Exposure? Evidence
from the BHPS. Eastern Economic Journal 46:4, 603-635. [Crossref]

Cristina Bernini, Augusto Cerqua, Guido Pellegrini. 2020. Endogenous amenities, tourists” happiness
and competitiveness. Regional Studies 54:9, 1214-1225. [Crossref]

Michael L Anderson. 2020. As the Wind Blows: The Effects of Long-Term Exposure to Air Pollution
on Mortality. Journal of the European Economic Association 18:4, 1886-1927. [Crossref]

Jonathan Colmer, Ian Hardman, Jay Shimshack, John Voorheis. 2020. Disparities in PM 2.5 air
pollution in the United States. Science 369:6503, 575-578. [Crossref]

Sonia Paty, Morgan Ubeda. 2020. Décentralisation et taille optimale des collectivités locales :

pourquoi, comment coopérer et avec quels effets ?. Revue francaise d'économie Vol. XXXV:1, 99-138.

[Crossref]

Maria E. Soppelsa, Nancy Lozano-Gracia, L. Colin Xu. 2020. The Effects of Pollution and
Business Environment on Firm Productivity in Africa. International Regional Science Review 64,
016001762093157. [Crossref]

Tobias Riittenauer, Volker Ludwig. 2020. Fixed Effects Individual Slopes: Accounting and Testing
for Heterogeneous Effects in Panel Data or Other Multilevel Models. Sociological Methods ¢ Research
004912412092621. [Crossref]

Fanglin Chen, Zhongfei Chen. 2020. Air pollution and avoidance behavior: A perspective from the
demand for medical insurance. Journal of Cleaner Production 259, 120970. [Crossref]

JESSICA TROUNSTINE. 2020. The Geography of Inequality: How Land Use Regulation Produces
Segregation. American Political Science Review 114:2, 443-455. [Crossref]


https://doi.org/10.1086/713101
https://doi.org/10.1016/j.landurbplan.2020.103900
https://doi.org/10.1016/j.ejpoleco.2020.101931
https://doi.org/10.1111/risa.13562
https://doi.org/10.1016/j.ecolecon.2020.106780
https://doi.org/10.1016/j.jeem.2020.102362
https://doi.org/10.3390/su12219058
https://doi.org/10.3390/su12229384
https://doi.org/10.1086/712098
https://doi.org/10.1016/j.jclepro.2020.124818
https://doi.org/10.1057/s41302-020-00173-5
https://doi.org/10.1080/00343404.2020.1712350
https://doi.org/10.1093/jeea/jvz051
https://doi.org/10.1126/science.aaz9353
https://doi.org/10.3917/rfe.201.0099
https://doi.org/10.1177/0160017620931572
https://doi.org/10.1177/0049124120926211
https://doi.org/10.1016/j.jclepro.2020.120970
https://doi.org/10.1017/S0003055419000844

94.

95.

96.

97.

98.

99.

100.

101.

102.

103.

104.

105.

106.

107.

108.

109.

110.

111.

112.

R. Jisung Park, Joshua Goodman, Michael Hurwitz, Jonathan Smith. 2020. Heat and Learning.
American Economic_Journal: Economic Policy 12:2, 306-339. [Abstract] [View PDF article] [PDF with
links]

David Albouy, Peter Christensen, Ignacio Sarmiento-Barbieri. 2020. Unlocking amenities: Estimating
public good complementarity. Journal of Public Economics 182, 104110. [Crossref]

W Walker Hanlon. 2020. Coal Smoke, City Growth, and the Costs of the Industrial Revolution. The
Economic Journal 130:626, 462-488. [Crossref]

Sarah Kaitlyn Hooks, Madison Hrysko, Colten Strickland, Benika Dixon, Ibraheem M. Karaye,
Katie Kirsch, Jennifer Horney. 2020. Can Global Policy Impact Local Environmental Justice? Using
CASPER to Assess Perceived Health Effects of an Incinerator. Human Ecology 48:1, 119-125.
[Crossref]

David Castells-Quintana, Elisa Dienesch, Melanie Krause. 2020. Density, Cities and Air Pollution: A
Global View. SSRN Electronic Journal . [Crossref]

Asaf Bernstein, Stephen B. Billings, Matthew Gustafson, Ryan Lewis. 2020. Voting with their Sandals:
Partisan Residential Sorting on Climate Change Risk. SSRN Electronic Journal . [Crossref]

E. Mark Curtis. 2020. Reevaluating the ozone nonattainment standards: Evidence from the 2004
expansion. Journal of Environmental Economics and Management 99, 102261. [Crossref]

H. Spencer Banzhaf, Lala Ma, Christopher Timmins. 2019. Environmental Justice: Establishing
Causal Relationships. Annual Review of Resource Economics 11:1, 377-398. [Crossref]

Meri Davlasheridze, Qin Fan. 2019. Valuing Seawall Protection in the Wake of Hurricane Ike.
Economics of Disasters and Climate Change 3:3, 257-279. [Crossref]

Tobias Riittenauer. 2019. Bringing urban space back in: A multilevel analysis of environmental
inequality in Germany. Urban Studies 56:12, 2549-2567. [Crossref]

Federico Revelli. 2019. The electoral migration cycle. European Journal of Political Economy 59,
461-482. [Crossref]

Lala Ma. 2019. LEARNING IN A HEDONIC FRAMEWORK: VALUING BROWNFIELD
REMEDIATION. International Economic Review 60:3, 1355-1387. [Crossref]

Klara Zwickl. 2019. The demographics of fracking: A spatial analysis for four U.S. states. Ecological
Economics 161, 202-215. [Crossref]

Anke Gerber, Andreas Nicklisch, Stefan Voigt. 2019. The role of ignorance in the emergence of
redistribution. Journal of Economic Behavior & Organization 163, 239-261. [Crossref]

Adrianne C. Kroepsch, Peter T. Maniloff, John L. Adgate, Lisa M. McKenzie, Katherine L.
Dickinson. 2019. Environmental Justice in Unconventional Oil and Natural Gas Drilling and
Production: A Critical Review and Research Agenda. Environmental Science ¢ Technology 53:12,
6601-6615. [Crossref]

Jeremy Jackson. 2019. Happy partisans and extreme political views: The impact of national versus
local representation on well-being. European Journal of Political Economy 58, 192-202. [Crossref]

Emmanuelle Lavaine. 2019. Environmental risk and differentiated housing values: Evidence from the
north of France. Journal of Housing Economics 44, 74-87. [Crossref]

Corbett Grainger, Andrew Schreiber. 2019. Discrimination in Ambient Air Pollution Monitoring?.
AEA Papers and Proceedings 109, 277-282. [Abstract] [View PDF article] [PDF with links]

Karen Clay, Margarita Portnykh, Edson Severnini. 2019. The legacy lead deposition in soils and its
impact on cognitive function in preschool-aged children in the United States. Economics ¢ Human
Biology 33, 181-192. [Crossref]


https://doi.org/10.1257/pol.20180612
http://pubs.aeaweb.org/doi/pdf/10.1257/pol.20180612
http://pubs.aeaweb.org/doi/pdfplus/10.1257/pol.20180612
http://pubs.aeaweb.org/doi/pdfplus/10.1257/pol.20180612
https://doi.org/10.1016/j.jpubeco.2019.104110
https://doi.org/10.1093/ej/uez055
https://doi.org/10.1007/s10745-020-00133-9
https://doi.org/10.2139/ssrn.3713325
https://doi.org/10.2139/ssrn.3712665
https://doi.org/10.1016/j.jeem.2019.102261
https://doi.org/10.1146/annurev-resource-100518-094131
https://doi.org/10.1007/s41885-019-00045-z
https://doi.org/10.1177/0042098018795786
https://doi.org/10.1016/j.ejpoleco.2019.05.007
https://doi.org/10.1111/iere.12389
https://doi.org/10.1016/j.ecolecon.2019.02.001
https://doi.org/10.1016/j.jebo.2019.04.021
https://doi.org/10.1021/acs.est.9b00209
https://doi.org/10.1016/j.ejpoleco.2018.12.002
https://doi.org/10.1016/j.jhe.2019.02.001
https://doi.org/10.1257/pandp.20191063
http://pubs.aeaweb.org/doi/pdf/10.1257/pandp.20191063
http://pubs.aeaweb.org/doi/pdfplus/10.1257/pandp.20191063
https://doi.org/10.1016/j.ehb.2019.03.001

113.

114.

115.

116.

117.
118.
119.
120.

121.

122.

123.

124.

125.

126.

127.

128.

129.

130.

131.

132.
133.

134.

Hejun Gu, Yuxia Cao, Ehsan Elahi, Sunil Kumar Jha. 2019. Human health damages related to air
pollution in China. Environmental Science and Pollution Research 26:13, 13115-13125. [Crossref]

Rainer vom Hofe, Olivier Parent, Meghan Grabill. 2019. What to do with vacant and abandoned
residential structures? The effects of teardowns and rehabilitations on nearby properties. Journal of
Regional Science 59:2, 228-249. [Crossref]

Spencer Banzhaf, Lala Ma, Christopher Timmins. 2019. Environmental Justice: The Economics of
Race, Place, and Pollution. Journal of Economic Perspectives 33:1, 185-208. [Abstract] [View PDF
article] [PDF with links]

Dimitri Percia David, Marcus Matthias Keupp, Ricardo Marino, Patrick Hofstetter. 2019. The
Persistent Deficit of Militia Officers in the Swiss Armed Forces: An Opportunity Cost Explanation.
Defence and Peace Economics 30:1, 111-127. [Crossref]

Clinton Cassar. Business Ethics and Sustainable Development 139-150. [Crossref]

Clinton Cassar. Business Ethics and Sustainable Development 1-12. [Crossref]

Marcus Matthias Keupp. Institutionen 23-64. [Crossref]

Tsung-Wen Yen, Mikhail Filippov, Siew Ann Cheong. Emergent Urban Morphologies in an Agent-
Based Model of Housing 227-246. [Crossref]

Karen B. Clay, Margarita Portnykh, Edson Severnini. 2019. The Legacy Lead Deposition in Soils and
Its Impact on Cognitive Function in Preschool-Aged Children in the United States. SSRN Electronic
Journal . [Crossref]

Martijn van der Heide, Wim Heijman. A Public Good Perspective on the Rural Environment: Theory
and History 93-128. [Crossref]

Panle Jia Barwick, Shanjun Li, Lin Liguo, Eric Zou. 2019. From Fog to Smog: The Value of Pollution
Information. SSRN Electronic Journal . [Crossref]

Huiting Liu, Qinying He. 2019. The effect of basic public service on urban-rural income inequality:
a sys-GMM approach. Economic Research-Ekonomska IstraZivanja 32:1, 3211-3229. [Crossref]

Jung Eun Kang, D.K. Yoon, Hyun-Joo Bae. 2019. Evaluating the effect of compact urban form on
air quality in Korea. Environment and Planning B: Urban Analytics and City Science 46:1, 179-200.
[Crossref]

Anna Grodecka-Messi, Isaiah Hull. 2019. The Impact of Local Taxes and Public Services on Property
Values. SSRN Electronic Journal . [Crossref]

Leiju Qiu, Daxuan Zhao. 2019. Urban inclusiveness and income inequality in China. Regional Science
and Urban Economics 74, 57-64. [Crossref]

Moon Joon Kim, Xiaolin Xie. 2019. The Impact of Ambient Air Quality on Labor Migration in
China. SSRN Electronic Journal 82. . [Crossref]

Solomon Hsiang, Paulina Oliva, Reed Walker. 2019. The Distribution of Environmental Damages.
Review of Environmental Economics and Policy 13:1, 83-103. [Crossref]

Bongkyun Kim. 2018. Do Air Quality Alerts Affect Household Migration?. Southern Economic
Journal 124. . [Crossref]

Tal Modai-Snir, Maarten van Ham. 2018. Neighbourhood change and spatial polarization: The roles
of increasing inequality and divergent urban development. Cities 82, 108-118. [Crossref]

Jessica Trounstine. Segregation by Design 39, . [Crossref]

Corbett Grainger, Thanicha Ruangmas. 2018. Who Wins from Emissions Trading? Evidence from
California. Environmental and Resource Economics 71:3, 703-727. [Crossref]

Junjie Zhang, Quan Mu. 2018. Air pollution and defensive expenditures: Evidence from particulate-
filtering facemasks. Journal of Environmental Economics and Management 92, 517-536. [Crossref]


https://doi.org/10.1007/s11356-019-04708-y
https://doi.org/10.1111/jors.12413
https://doi.org/10.1257/jep.33.1.185
http://pubs.aeaweb.org/doi/pdf/10.1257/jep.33.1.185
http://pubs.aeaweb.org/doi/pdf/10.1257/jep.33.1.185
http://pubs.aeaweb.org/doi/pdfplus/10.1257/jep.33.1.185
https://doi.org/10.1080/10242694.2017.1354171
https://doi.org/10.1007/978-3-030-11352-0_39
https://doi.org/10.1007/978-3-319-63951-2_39-1
https://doi.org/10.1007/978-3-658-06147-0_2
https://doi.org/10.1007/978-981-13-8319-9_11
https://doi.org/10.2139/ssrn.3337156
https://doi.org/10.1007/978-3-030-28642-2_7
https://doi.org/10.2139/ssrn.3441954
https://doi.org/10.1080/1331677X.2019.1661005
https://doi.org/10.1177/2399808317705880
https://doi.org/10.2139/ssrn.3747255
https://doi.org/10.1016/j.regsciurbeco.2018.11.006
https://doi.org/10.2139/ssrn.3362246
https://doi.org/10.1093/reep/rey024
https://doi.org/10.1002/soej.12310
https://doi.org/10.1016/j.cities.2018.05.009
https://doi.org/10.1017/9781108555722
https://doi.org/10.1007/s10640-017-0180-1
https://doi.org/10.1016/j.jeem.2017.07.006

135.

136.

137.

138.

139.

140.

141.

142.

143.

144.

145.

146.

147.

148.

149.

150.

151.

152.

153.

Tamas Hajdu, Gibor Hajdu. 2018. Smoking ban and health at birth: Evidence from Hungary.
Economics ¢& Human Biology 30, 37-47. [Crossref]

Muzhe Yang, Shin-Yi Chou. 2018. The impact of environmental regulation on fetal health: Evidence
from the shutdown of a coal-fired power plant located upwind of New Jersey. Journal of Environmental
Economics and Management 90, 269-293. [Crossref]

Helena Marques, Gabriel Pino, J. D. Tena. 2018. Voting with your feet: migration flows and happiness.
SERIFEs 9:2, 163-187. [Crossref]

Takeshi Miyazaki. 2018. Internalization of externalities and local government consolidation: empirical
evidence from Japan. Empirical Economics 54:3, 1061-1086. [Crossref]
2018. Publisher’s note on “The Impact of Environmental Regulation on Fetal Health: Evidence from

the Shutdown of a Coal-Fired Power Plant Located Upwind of New Jersey” by Muzhe Yang and Shin-
Yi Chou. journal of Environmental Economics and Management 89, 95. [Crossref]

Allison Shertzer, Tate Twinam, Randall P. Walsh. 2018. Zoning and the economic geography of cities.
Journal of Urban Economics 105, 20-39. [Crossref]

Chi Man Yip. 2018. On the labor market consequences of environmental taxes. Journal of
Environmental Economics and Management 89, 136-152. [Crossref]

Zhaohua Zhang, Derrick Robinson, Diane Hite. 2018. Racial Residential Segregation: Measuring
Location Choice Attributes of Environmental Quality and Self-Segregation. Sustainability 10:4, 1114.
[Crossref]

Nicolai V. Kuminoff. 2018. Can Understanding Spatial Equilibria Enhance Benefit Transfers for
Environmental Policy Evaluation?. Environmental and Resource Economics 69:3, 591-608. [Crossref]
Li Zhang, Jie Chen, Qianjin Hao, Chuan-Zhong Li. 2018. Measuring the NIMBY effect in urban
China: the case of waste transfer stations in metropolis Shanghai. Journal of Housing and the Built
Environment 33:1, 1-18. [Crossref]

Trond Husby, Henri L. F. de Groot, Marjan W. Hofkes, Tatiana Filatova. 2018. Flood protection and
endogenous sorting of households: the role of credit constraints. Mitigation and Adaptation Strategies
for Global Change 23:2, 147-168. [Crossref]

Tobias Riittenauer. 2018. Neighbours matter: A nation-wide small-area assessment of environmental
inequality in Germany. Social Science Research 70, 198-211. [Crossref]

Kathrine von Graevenitz, Daniel Romer, Alexander Rohlf. 2018. The Effect of Emission Information
on Housing Prices: Quasi-Experimental Evidence from the European Pollutant Release and Transfer
Register. Environmental and Resource Economics 69:1, 23-74. [Crosstef]

Jeremy Jackson. 2018. Happy Partisans and Ideologues: State Versus National. SSRN Electronic
Journal . [Crossref]

Atsushi Yamagishi. 2018. A Unified Analysis of Tiebout Models and Tax Competition Models. SSRN
Electronic Journal . [Crossref]

Christos Makridis, Gregory Dawson. 2018. Is Recycling Good for the Economy and Environment or
Just Hot Air? Evidence from California between 1993-2013. SSRN Electronic Journal . [Crossref]
Yulong Chen. 2018. Air Pollution and Academic Performance: Evidence From China. SSRN Electronic
Journal . [Crossref]

Ivan Petkov. 2018. How Global Warming Can Affect Where People Live? Evidence from Flood
Surprises. SSRN Electronic Journal . [Crossref]

Xiao Wang, George Deltas, Madhu Khanna, Xiang Bi. 2018. Environmental Disclosure Programs,
Community Pressure and the Spatial Redistribution of Pollution: The Relocation of Toxic Releasing
Facilities After the TRI. SSRN Electronic Journal . [Crossref]


https://doi.org/10.1016/j.ehb.2018.05.003
https://doi.org/10.1016/j.jeem.2018.05.005
https://doi.org/10.1007/s13209-018-0174-4
https://doi.org/10.1007/s00181-017-1242-5
https://doi.org/10.1016/j.jeem.2017.11.005
https://doi.org/10.1016/j.jue.2018.01.006
https://doi.org/10.1016/j.jeem.2018.03.004
https://doi.org/10.3390/su10041114
https://doi.org/10.1007/s10640-017-0214-8
https://doi.org/10.1007/s10901-017-9565-2
https://doi.org/10.1007/s11027-015-9667-7
https://doi.org/10.1016/j.ssresearch.2017.11.009
https://doi.org/10.1007/s10640-016-0065-8
https://doi.org/10.2139/ssrn.3145282
https://doi.org/10.2139/ssrn.3149368
https://doi.org/10.2139/ssrn.3216260
https://doi.org/10.2139/ssrn.3341008
https://doi.org/10.2139/ssrn.3156783
https://doi.org/10.2139/ssrn.3264740

154. Yushim Kim, Spiro Maroulis. 2018. Rethinking Social Welfare Fraud from a Complex Adaptive

155.

156.

157.

158.

159.

160.

161.

162.

163.

164.

165.

166.

167.

168.

169.

170.

Systems Perspective. Administration ¢ Society 50:1, 78-100. [Crossref]

Feifei Sun, Yun DAI, Xiaohua Yu. 2017. Air pollution, food production and food security: A review
from the perspective of food system. Journal of Integrative Agriculture 16:12, 2945-2962. [Crossref]

Stephen B. Billings, Kevin T. Schnepel. 2017. The value of a healthy home: Lead paint remediation
and housing values. Journal of Public Economics 153, 69-81. [Crossref]

Weizeng Sun, Yuming Fu, Sigi Zheng. 2017. LOCAL PUBLIC SERVICE PROVISION AND
SPATIAL INEQUALITY IN CHINESE CITIES: THE ROLE OF RESIDENTIAL INCOME
SORTING AND LAND-USE CONDITIONS. Journal of Regional Science 57:4, 547-567. [Crossref]

Charles A. Towe, H. Allen Klaiber, Douglas H. Wrenn. 2017. Not my problem: Growth spillovers
from uncoordinated land use policy. Land Use Policy 67, 679-689. [Crossref]

M. Taha Kasim. 2017. Evaluating the effectiveness of an environmental disclosure policy: An
application to New South Wales. Resource and Energy Economics 49, 113-131. [Crossref]

David M. Brasington. 2017. What types of people sort to which public services?. Papers in Regional
Science 96:3, 537-553. [Crossref]

Craig Kerr. 2017. The effect of amenities on local wage distributions. Letters in Spatial and Resource
Sciences 10:2, 215-228. [Crossref]

Richard Shearmur, Vincent Poirier. 2017. Conceptualizing Nonmarket Municipal Entrepreneurship:
Everyday Municipal Innovation and the Roles of Metropolitan Context, Internal Resources, and
Learning. Urban Affairs Review 53:4, 718-751. [Crossref]

Muzhe Yang, Rhea A. Bhatta, Shin-Yi Chou, Cheng-I Hsieh. 2017. The Impact of Prenatal Exposure
to Power Plant Emissions on Birth Weight: Evidence from a Pennsylvania Power Plant Located
Upwind of New Jersey. Journal of Policy Analysis and Management 36:3, 557-583. [Crossref]

Annie Tubadji, Peter Nijkamp. 2017. Green Online vs Green Offline preferences on local public goods
trade-offs and house prices. Socio-Economic Planning Sciences 58, 72-86. [Crossref]

Prashant Bharadwaj, Matthew Gibson, Joshua Graft Zivin, Christopher Neilson. 2017. Gray Matters:
Fetal Pollution Exposure and Human Capital Formation. Journal of the Association of Environmental
and Resource Economists 4:2, 505-542. [Crossref]

Longjin Chen, Jian Huang, Jianjun Li. 2017. Fiscal Decentralization, Satisfaction with Social Services,
and Inequality Under the Hukou System. Social Indicators Research 132:1, 377-394. [Crossref]

Darrel Ramsey-Musolf. 2017. State Mandates, Housing Elements, and Low-income Housing
Production. Journal of Planning Literature 32:2, 117-140. [Crossref]

Arian Khaleghi Moghadam, Burc Kayahan. 2017. What influences the pattern of pollutant releases?
An investigation of firms’ siting and households’ sorting decisions in Ontario, Canada. Journal of
Environmental Planning and Management 60:4, 743-754. [Crossref]

Christian A. L. Hilber. 2017. The Economic Implications of House Price Capitalization: A Synthesis.
Real Estate Economics 45:2, 301-339. [Crossref]

Mathias Moser, Matthias Schnetzer. 2017. The income—inequality nexus in a developed country:
small-scale regional evidence from Austria. Regional Studies 51:3, 454-466. [Crossref]

171. Jiaqi Ge. 2017. Endogenous rise and collapse of housing price. Computers, Environment and Urban

172.

173.

Systems 62, 182-198. [Crossref]

Reto Steiner, Claire Kaiser. 2017. Effects of amalgamations: evidence from Swiss municipalities. Public
Management Review 19:2, 232-252. [Crossref]

Anindya S. Chakrabarti, Aparna Sengupta. 2017. Productivity differences and inter-state migration
in the U.S.: A multilateral gravity approach. Economic Modelling 61, 156-168. [Crossref]


https://doi.org/10.1177/0095399715587520
https://doi.org/10.1016/S2095-3119(17)61814-8
https://doi.org/10.1016/j.jpubeco.2017.07.006
https://doi.org/10.1111/jors.12307
https://doi.org/10.1016/j.landusepol.2017.06.019
https://doi.org/10.1016/j.reseneeco.2017.04.003
https://doi.org/10.1111/pirs.12210
https://doi.org/10.1007/s12076-017-0183-0
https://doi.org/10.1177/1078087416636482
https://doi.org/10.1002/pam.21989
https://doi.org/10.1016/j.seps.2016.11.001
https://doi.org/10.1086/691591
https://doi.org/10.1007/s11205-016-1258-9
https://doi.org/10.1177/0885412217693569
https://doi.org/10.1080/09640568.2016.1178106
https://doi.org/10.1111/1540-6229.12129
https://doi.org/10.1080/00343404.2015.1103848
https://doi.org/10.1016/j.compenvurbsys.2016.11.005
https://doi.org/10.1080/14719037.2016.1153704
https://doi.org/10.1016/j.econmod.2016.12.009

174. Brian Joseph Gillespie. Household Mobility Decisions and Location Choice 89-125. [Crossref]

175. Robert Klitgaard. 2017. What Do We Talk About When We Talk About Corruption?. SSRN
Electronic Journal . [Crossref]

176. Caroline Cecot. 2017. Property Values and Risks: Evidence from Shale Development. SSRN Electronic
Journal . [Crossref]

177. Pat Akey, Ian Appel. 2017. The Limits of Limited Liability: Evidence from Industrial Pollution.
SSRN Electronic Journal . [Crossref]

178. Aidan Vining. 2016. What Is Public Agency Strategic Analysis (PASA) and How Does It Differ from
Public Policy Analysis and Firm Strategy Analysis?. Administrative Sciences 6:4, 19. [Crossref]

179. Christos Kallandranis,, Socrates Karidis. 2016. “Voting with their Feet” in Times of Crisis: The Case
of Southern Europe. Applied Economics Quarterly 62:4, 321-341. [Crossref]

180. Y. Schaeffer, D. Cremer-Schulte, C. Tartiu, M. Tivadar. 2016. Natural amenity-driven segregation:
Evidence from location choices in French metropolitan areas. Ecological Economics 130, 37-52.
[Crossref]

181. Allison Shertzer, Randall P. Walsh, John R. Logan. 2016. Segregation and neighborhood change in
northern cities: New historical GIS data from 1900-1930. Historical Methods: A Journal of Quantitative
and Interdisciplinary History 49:4, 187-197. [Crossref]

182. Mariagiovanna Baccara, Leeat Yariv. 2016. Choosing peers: Homophily and polarization in groups.
Journal of Economic Theory 165, 152-178. [Crossref]

183. Rémy Oddou. 2016. Segregative properties of endogenous jurisdictions formation 4 la Tiebout: a
survey of the literature. Revue d'économie politique Vol. 126:3, 357-378. [Crossref]

184.Yong Chen, David J. Lewis, Bruce Weber. 2016. CONSERVATION LAND AMENITIES
AND REGIONAL ECONOMIES: A POSTMATCHING DIFFERENCE-IN-DIFFERENCES
ANALYSIS OF THE NORTHWEST FOREST PLAN. journal of Regional Science 56:3, 373-394.
[Crossref]

185. Jianhong E. Mu, Yong Chen. 2016. Impacts of large natural disasters on regional income. Natural
Hazards 98. . [Crossref]

186. Annie Tubadji, Vassilis Angelis, Peter Nijkamp. 2016. Endogenous intangible resources and their
place in the institutional hierarchy. Review of Regional Research 36:1, 1-28. [Crossref]

187.Imad A. Moosa. The Costs and Benefits of Cost—Benefit Analysis as Applied to Environmental
Regulation 407-428. [Crossref]

188. Brent Never, Drew Westberg. 2016. Place Matters: The Spatial Effects of Human Service
Expenditures. Nonprofit Policy Forum 7:3. . [Crossref]

189. Hans Elshof, Tialda Haartsen, Clara H. Mulder. 2015. The Effect of Primary School Absence and
Closure on Inward and Outward Flows of Families. Tijdschrift voor economische en sociale geografie
106:5, 625-635. [Crossref]

190. John D. Singleton. 2015. Sorting Charles Tiebout. History of Political Economy 47:suppl_1, 199-226.
[Crossref]

191. Katrin Millock. 2015. Migration and Environment. Annual Review of Resource Economics 7:1, 35-60.
[Crossref]

192. Brooks Depro, Christopher Timmins, Maggie O’Neil. 2015. White Flight and Coming to the
Nuisance: Can Residential Mobility Explain Environmental Injustice?. Journal of the Association of
Environmental and Resource Economists 2:3, 439-468. [Crossref]

193. Bruce D. McDonald. 2015. Does the Charter Form Improve the Fiscal Health of Counties?. Public
Administration Review 75:4, 609-618. [Crossref]


https://doi.org/10.1057/978-1-349-68271-3_4
https://doi.org/10.2139/ssrn.3018299
https://doi.org/10.2139/ssrn.3041462
https://doi.org/10.2139/ssrn.3083013
https://doi.org/10.3390/admsci6040019
https://doi.org/10.3790/aeq.62.4.321
https://doi.org/10.1016/j.ecolecon.2016.05.018
https://doi.org/10.1080/01615440.2016.1151393
https://doi.org/10.1016/j.jet.2016.04.005
https://doi.org/10.3917/redp.263.0357
https://doi.org/10.1111/jors.12253
https://doi.org/10.1007/s11069-016-2372-3
https://doi.org/10.1007/s10037-015-0097-5
https://doi.org/10.1016/B978-0-12-803615-0.00020-0
https://doi.org/10.1515/npf-2015-0025
https://doi.org/10.1111/tesg.12172
https://doi.org/10.1215/00182702-3130511
https://doi.org/10.1146/annurev-resource-100814-125031
https://doi.org/10.1086/682716
https://doi.org/10.1111/puar.12389

194.

195.

196.

197.

198.

199.

200.

201.

202.

203.

204.

205.

206.
207.

208.

209.

210.

211.

212.

213.

Antonio Bento, Matthew Freedman, Corey Lang. 2015. Who Benefits from Environmental
Regulation? Evidence from the Clean Air Act Amendments. Review of Economics and Statistics 973,
610-622. [Crossref]

. An agent-based model for environmental justice: The E] ABM 61-85. [Crossref]

. Economic rationality, political rationality, or racial targeting: Focusing on firm behavior 86-105.

[Crossref]
. Race, class, and environmental disparities 122-137. [Crossref]

Ralph Mastromonaco. 2015. Do environmental right-to-know laws affect markets? Capitalization of
information in the toxic release inventory. Journal of Environmental Economics and Management 71,
54-70. [Crossref]

Corey Lang. 2015. The dynamics of house price responsiveness and locational sorting: Evidence from
air quality changes. Regional Science and Urban Economics 52, 71-82. [Crossref]

Johnathan G. Munn, Caroliniana S. Padgett. 2015. The effects of agglomeration on interregional
hospital patient flow. Journal of Economics and Finance 39:2, 412-430. [Crossref]

Janet Currie, Lucas Davis, Michael Greenstone, Reed Walker. 2015. Environmental Health Risks and

Housing Values: Evidence from 1,600 Toxic Plant Openings and Closings. American Economic Review
105:2, 678-709. [Abstract] [View PDF article] [PDF with links]
Byron Lutz. 2015. Quasi-Experimental Evidence on the Connection between Property Taxes and

Residential Capital Investment. American Economic Journal: Economic Policy 7:1, 300-330. [Abstract]
[View PDF article] [PDF with links]

Edward C. Jaenicke, Timothy W. Kelsey, Douglas H. Wrenn. 2015. Resident Versus Non-Resident
Employment Impacts Associated with Marcellus Shale Development. SSRN Electronic Journal .
[Crossref]

Charles Towe, H. Allen Klaiber, Douglas H. Wrenn. 2015. Not My Problem: Growth Spillovers from
Uncoordinated Land Use Policy. SSRN Electronic Journal . [Crossref]

Stephen B. Billings, Kevin Schnepel. 2015. The Value of a Healthy Home: Lead Paint Remediation
and Housing Values. SSRN Electronic Journal . [Crossref]

Matthew E. Kahn, Randall Walsh. Cities and the Environment 405-465. [Crossref]

Stuart S. Rosenthal, Stephen L. Ross. Change and Persistence in the Economic Status of
Neighborhoods and Cities 1047-1120. [Crossref]

Heather M. Stephens, Mark D. Partridge. 2015. Lake Amenities, Environmental Degradation, and
Great Lakes Regional Growth. International Regional Science Review 38:1, 61-91. [Crossref]

Ozgiir Giirerk, Bernd Irlenbusch, Bettina Rockenbach. 2014. On cooperation in open communities.
Journal of Public Economics 120, 220-230. [Crossref]

Tor Eriksson, Jay Pan, Xuezheng Qin. 2014. The intergenerational inequality of health in China.
China Economic Review 31, 392-409. [Crossref]

Janet Currie, Joshua Graff Zivin, Jamie Mullins, Matthew Neidell. 2014. What Do We Know About
Short- and Long-Term Effects of Early-Life Exposure to Pollution?. Annual Review of Resource
Economics 6:1, 217-247. [Crossref]

Klara Zwickl, Michael Ash, James K. Boyce. 2014. Regional variation in environmental inequality:
Industrial air toxics exposure in U.S. cities. Ecological Economics 107, 494-509. [Crossref]

Nicolai V. Kuminoft, Jaren C. Pope. 2014. DO “CAPITALIZATION EFFECTS” FOR PUBLIC
GOODS REVEAL THE PUBLIC'S WILLINGNESS TO PAY?. International Economic Review
55:4, 1227-1250. [Crossref]


https://doi.org/10.1162/REST_a_00493
https://doi.org/10.4324/9780203076941-14
https://doi.org/10.4324/9780203076941-15
https://doi.org/10.4324/9780203076941-17
https://doi.org/10.1016/j.jeem.2015.02.004
https://doi.org/10.1016/j.regsciurbeco.2015.02.005
https://doi.org/10.1007/s12197-013-9275-x
https://doi.org/10.1257/aer.20121656
http://pubs.aeaweb.org/doi/pdf/10.1257/aer.20121656
http://pubs.aeaweb.org/doi/pdfplus/10.1257/aer.20121656
https://doi.org/10.1257/pol.20120017
http://pubs.aeaweb.org/doi/pdf/10.1257/pol.20120017
http://pubs.aeaweb.org/doi/pdfplus/10.1257/pol.20120017
https://doi.org/10.2139/ssrn.2583512
https://doi.org/10.2139/ssrn.2657751
https://doi.org/10.2139/ssrn.2703883
https://doi.org/10.1016/B978-0-444-59517-1.00007-6
https://doi.org/10.1016/B978-0-444-59531-7.00016-8
https://doi.org/10.1177/0160017613496632
https://doi.org/10.1016/j.jpubeco.2014.10.001
https://doi.org/10.1016/j.chieco.2014.06.005
https://doi.org/10.1146/annurev-resource-100913-012610
https://doi.org/10.1016/j.ecolecon.2014.09.013
https://doi.org/10.1111/iere.12088

214.

215.

216.

217.

218.

219.

220.

221.

222.

223.

224.

225.

226.

227.

228.

229.

230.

231.

Suchandra Basu, Nirupama Devaraj. 2014. Does activism matter? The case of environmental policy
in the US states. International Journal of Social Economics 41:10, 923-943. [Crossref]

Helena Tunstall, Richard Mitchell, Jamie Pearce, Niamh Shortt. 2014. The general and mental health
of movers to more- and less-disadvantaged socio-economic and physical environments within the UK.
Social Science ¢ Medicine 118, 97-107. [Crossref]

Eduardo I. Palavicini-Corona. 2014. Extending the “voting with the feet” proposition: the impact of
local economic development actions on immigration across Mexican municipalities. Space and Polity
18:3, 233-254. [Crossref]

H. Tunstall, J.R. Pearce, N.K Shortt, R.J. Mitchell. 2014. Residential mobility and the association
between physical environment disadvantage and general and mental health. Journal of Public Health
fdu058. [Crossref]

Andrea Robbett. 2014. Local Institutions and the Dynamics of Community Sorting. American
Economic Journal: Microeconomics 6:3, 136-156. [Abstract] [View PDF article] [PDF with links]

Corey Lang, James J. Opaluch, George Sfinarolakis. 2014. The windy city: Property value impacts of
wind turbines in an urban setting. Energy Economics 44, 413-421. [Crossref]

Alfredo Paloyo, Colin Vance, Matthias Vorell. 2014. Local determinants of crime. Demographic
Research 31, 625-658. [Crossref]

Steven Buck, Maximilian Aufthammer, David Sunding. 2014. Land Markets and the Value of Water:
Hedonic Analysis Using Repeat Sales of Farmland. American Journal of Agricultural Economics 96:4,
953-969. [Crossref]

Sophie Bernard, Louis Hotte, Stanley L. Winer. 2014. Democracy, inequality and the environment
when citizens can mitigate health consequences of pollution privately or act collectively. European
Journal of Political Economy 34, 142-156. [Crossref]

Irina B. Grafova, Vicki A. Freedman, Nicole Lurie, Rizie Kumar, Jeannette Rogowski. 2014.
The difference-in-difference method: Assessing the selection bias in the effects of neighborhood
environment on health. Economics ¢& Human Biology 13, 20-33. [Crossref]

Lars-Erik Borge, Jan K. Brueckner, Jorn Rattse. 2014. Partial fiscal decentralization and demand
responsiveness of the local public sector: Theory and evidence from Norway. Journal of Urban
Economics 80, 153-163. [Crossref]

Yushim Kim, Heather Campbell, Adam Eckerd. 2014. Residential Choice Constraints and
Environmental Justice. Social Science Quarterly 95:1, 40-56. [Crossref]

Amy W. Ando, Kathy Baylis. Spatial Environmental and Natural Resource Economics 1029-1048.
[Crossref]

Timothy K.M. Beatty, Jay P. Shimshack. 2014. Air pollution and children's respiratory health: A
cohort analysis. Journal of Environmental Economics and Management 67:1, 39-57. [Crossref]
Christoph Carl Basten, Maximilian von Ehrlich, Andrea Lassmann. 2014. Income Taxes, Sorting, and
the Costs of Housing: Evidence from Municipal Boundaries in Switzerland. SSRN Electronic Journal
. [Crossref]

Quan Mu, Junjie Zhang. 2014. Air Pollution and Defensive Expenditures: Evidence from Particulate-
Filtering Facemasks. SSRN Electronic Journal . [Crossref]

Richard J. Cebula, Usha Nair-Reichert, Christopher K. Coombs. 2014. Total state in-migration rates
and public policy in the United States: a comparative analysis of the Great Recession and the pre- and
post-Great Recession years. Regional Studies, Regional Science 1:1, 102-115. [Crossref]

Nicolai V. Kuminoft, V. Kerry Smith, Christopher Timmins. 2013. The New Economics of

Equilibrium Sorting and Policy Evaluation Using Housing Markets. Journal of Economic Literature
51:4, 1007-1062. [Abstract] [View PDF article] [PDF with links]


https://doi.org/10.1108/IJSE-07-2013-0160
https://doi.org/10.1016/j.socscimed.2014.07.038
https://doi.org/10.1080/13562576.2014.948303
https://doi.org/10.1093/pubmed/fdu058
https://doi.org/10.1257/mic.6.3.136
http://pubs.aeaweb.org/doi/pdf/10.1257/mic.6.3.136
http://pubs.aeaweb.org/doi/pdfplus/10.1257/mic.6.3.136
https://doi.org/10.1016/j.eneco.2014.05.010
https://doi.org/10.4054/DemRes.2014.31.21
https://doi.org/10.1093/ajae/aau013
https://doi.org/10.1016/j.ejpoleco.2014.01.006
https://doi.org/10.1016/j.ehb.2013.03.007
https://doi.org/10.1016/j.jue.2014.01.003
https://doi.org/10.1111/ssqu.12033
https://doi.org/10.1007/978-3-642-23430-9_53
https://doi.org/10.1016/j.jeem.2013.10.002
https://doi.org/10.2139/ssrn.2470595
https://doi.org/10.2139/ssrn.2518032
https://doi.org/10.1080/21681376.2014.913973
https://doi.org/10.1257/jel.51.4.1007
http://pubs.aeaweb.org/doi/pdf/10.1257/jel.51.4.1007
http://pubs.aeaweb.org/doi/pdfplus/10.1257/jel.51.4.1007

232.

233.

234.

235.

236.

237.

238.

239.

240.

241.

242.
243.

244.

245.

246.

247.

248.

249.

250.

251.

Aaron L. Jackson, David L. Ortmeyer, Michael A. Quinn. 2013. Are immigrants really attracted to
the welfare state? Evidence from OECD countries. [nternational Economics and Economic Policy 10:4,
491-519. [Crossref]

Janet Currie. 2013. Pollution and Infant Health. Child Development Perspectives 7:4, 237-242.
[Crossref]

Joshua Graff Zivin,, Matthew Neidell. 2013. Environment, Health, and Human Capital. Journal of
Economic Literature 51:3, 689-730. [Abstract] [View PDF article] [PDF with links]

Janet Currie, Joshua Graff Zivin, Katherine Meckel, Matthew Neidell, Wolfram Schlenker. 2013.
Something in the water: contaminated drinking water and infant health. Canadian Journal of
Economics/Revue canadienne d'économique 46:3, 791-810. [Crossref]

A. B. Cox, A. M. Samaha. 2013. Unconstitutional Conditions Questions Everywhere: The
Implications of Exit and Sorting for Constitutional Law and Theory. Journal of Legal Analysis 5:1,
61-106. [Crossref]

Marco Greggi. 2013. International Law Issues Raised by an Extra-Territorial Property Tax. TAX and
LAW 6:1, 37-92. [Crossref]

Antonio M. Bento. 2013. Equity Impacts of Environmental Policy. Annual Review of Resource
Economics 5:1, 181-196. [Crossref]

Adam Eckerd. 2013. Policy Alternatives in Adaptive Communities: Simulating the Environmental
Justice Consequences of Hazardous Site Remediation Strategies. Review of Policy Research 30:3,
281-301. [Crossref]

Joshua K. Abbott, H. Allen Klaiber. 2013. The value of water as an urban club good: A matching
approach to community-provided lakes. Journal of Environmental Economics and Management 65:2,
208-224. [Crossref]

H. Spencer Banzhaf, Randall P. Walsh. 2013. Segregation and Tiebout sorting: The link between
place-based investments and neighborhood tipping. Journal of Urban Economics 74, 83-98. [Crossref]

A M. Bento. Local/Regional Air Pollution from Stationary Sources 103-108. [Crossref]
Antonio Bento, Matthew Freedman, Corey Lang. 2013. Redistribution, Delegation, and Regulators’
Incentives: Evidence from the Clean Air Act. SSRN Electronic Journal . [Crossref]

Janet Currie, Lucas W. Davis, Michael Greenstone, Reed Walker. 2013. Do Housing Prices Reflect
Environmental Health Risks? Evidence from More than 1600 Toxic Plant Openings and Closings.
SSRN Electronic_Journal . [Crossref]

Anke Gerber, Andreas Nicklisch, Stefan Voigt. 2013. Strategic Choices for Redistribution and the Veil
of Ignorance: Theory and Experimental Evidence. SSRN Electronic Journal . [Crossref]

Marco Greggi. 2013. Analysis of the Legal Basis for Establishing the Property Tax in the International
Context. SSRN Electronic Journal . [Crossref]

zggr GGrerk, Bernd Irlenbusch, Bettina Rockenbach. 2013. On Cooperation in Open Communities.
SSRN Electronic Journal . [Crossref]

John D. Singleton. 2013. Sorting Charles Tiebout: The Construction and Stabilization of Postwar
Public Good Theory. SSRN Electronic Journal . [Crossref]

Joshua Graft Zivin,, Matthew Neidell. 2012. The Impact of Pollution on Worker Productivity.
American Economic Review 102:7, 3652-3673. [Abstract] [View PDF article] [PDF with links]
Adam Eckerd, Andrew G. Keeler. 2012. Going green together? Brownfield remediation and
environmental justice. Policy Sciences 45:4, 293-314. [Crossref]

Robert Kirkman, Douglas S Noonan, Sean K Dunn. 2012. Urban transformation and individual
responsibility: The Atlanta BeltLine. Planning Theory 11:4, 418-434. [Crossref]


https://doi.org/10.1007/s10368-012-0219-2
https://doi.org/10.1111/cdep.12047
https://doi.org/10.1257/jel.51.3.689
http://pubs.aeaweb.org/doi/pdf/10.1257/jel.51.3.689
http://pubs.aeaweb.org/doi/pdfplus/10.1257/jel.51.3.689
https://doi.org/10.1111/caje.12039
https://doi.org/10.1093/jla/las018
https://doi.org/10.15821/tal.2013.6.1.003
https://doi.org/10.1146/annurev-resource-091912-151925
https://doi.org/10.1111/ropr.12024
https://doi.org/10.1016/j.jeem.2012.09.007
https://doi.org/10.1016/j.jue.2012.09.006
https://doi.org/10.1016/B978-0-12-375067-9.00093-0
https://doi.org/10.2139/ssrn.2219523
https://doi.org/10.2139/ssrn.2244514
https://doi.org/10.2139/ssrn.2271349
https://doi.org/10.2139/ssrn.2273230
https://doi.org/10.2139/ssrn.2359751
https://doi.org/10.2139/ssrn.2375315
https://doi.org/10.1257/aer.102.7.3652
http://pubs.aeaweb.org/doi/pdf/10.1257/aer.102.7.3652
http://pubs.aeaweb.org/doi/pdfplus/10.1257/aer.102.7.3652
https://doi.org/10.1007/s11077-012-9155-9
https://doi.org/10.1177/1473095212442821

252.

253.

254.

255.

256.

257.

258.

259.

260.

261.

262.

263.

264.

265.

266.

267.

268.

269.

270.

Corbett A. Grainger. 2012. The distributional effects of pollution regulations: Do renters fully pay
for cleaner air?. Journal of Public Economics 96:9-10, 840-852. [Crossref]

Eric J. Brunner, Sung-Woo Cho, Randall Reback. 2012. Mobility, housing markets, and schools:
Estimating the effects of inter-district choice programs. Journal of Public Economics 96:7-8, 604-614.
[Crossref]

V. Kerry Smith. 2012. Reflections—In Search of Crosswalks between Macroeconomics and
Environmental Economics. Review of Environmental Economics and Policy 6:2, 298-317. [Crossref]
Meredith Fowlie,, Stephen P. Holland,, Erin T. Mansur. 2012. What Do Emissions Markets Deliver
and to Whom? Evidence from Southern California's NOx Trading Program. American Economic
Review 102:2, 965-993. [Abstract] [View PDF article] [PDF with links]

Adam Eckerd, Tony Reames. Urban Renaissance or Invasion: Planning the Development of a
Simulation Model of Gentrification 83-100. [Crossref]

Wai-Man (Raymond) Liu, Phong T. H. Ngo. 2012. Voting with Your Feet: Political Competition and
Internal Migration in the United States. SSRN Electronic Journal . [Crossref]

Janet Currie, Lucas W. Davis, Michael Greenstone, Reed Walker. 2012. Do Housing Prices Reflect

Environmental Health Risks? Evidence from More than 1600 Toxic Plant Openings and Closings.
SSRN Electronic_Journal . [Crossref]

Corey Lang. 2012. The Dynamics of House Price Capitalization and Locational Sorting: Evidence
from Air Quality Changes. SSRN Electronic Journal . [Crossref]

H. Spencer Banzhaf, Garima Bhalla. 2012. Do Households Prefer Small School Districts? A Natural
Experiment. Southern Economic Journal 78:3, 819-841. [Crossref]

Eric Belasco, Michael Farmer, Clifford Lipscomb. 2012. Using a Finite Mixture Model of
Heterogeneous Households to Delineate Housing Submarkets. Journal of Real Estate Research 34:4,
577-594. [Crossref]

Lucas W. Davis. 2011. The Effect of Power Plants on Local Housing Values and Rents. Review of
Economics and Statistics 93:4, 1391-1402. [Crossref]

David Thacher. 2011. The Distribution of Police Protection. Journal of Quantitative Criminology
27:3, 275-298. [Crossref]

Sandra Hoffmann. 2011. Overcoming Barriers to Integrating Economic Analysis into Risk
Assessmentt. Risk Analysis 31:9, 1345-1355. [Crossref]

Ellen S. Post, Anna Belova, Jin Huang. 2011. Distributional Benefit Analysis of a National Air Quality
Rule. International Journal of Environmental Research and Public Health 8:6, 1872-1892. [Crossref]
Janet Currie. 2011. Inequality at Birth: Some Causes and Consequences. American Economic Review
101:3, 1-22. [Citation] [View PDF article] [PDF with links]

Shanti Gamper-Rabindran,, Christopher Timmins. 2011. Hazardous Waste Cleanup, Neighborhood
Gentrification, and Environmental Justice: Evidence from Restricted Access Census Block Data.
American Economic Review 101:3, 620-624. [Abstract] [View PDF article] [PDF with links]

Marco Salvi, Juerg Syz. 2011. What drives “green housing” construction? Evidence from Switzerland.
Journal of Financial Economic Policy 3:1, 86-102. [Crossref]

Aidan R. Vining. 2011. Public Agency External Analysis Using a Modified “Five Forces” Framework.
International Public Management Journal 14:1, 63-105. [Crossref]

YOSEF BHATTI, KASPER M. HANSEN. 2011. Who ‘marries whom? The influence of

societal connectedness, economic and political homogeneity, and population size on jurisdictional
consolidations. European Journal of Political Research 50:2, 212-238. [Crossref]


https://doi.org/10.1016/j.jpubeco.2012.06.006
https://doi.org/10.1016/j.jpubeco.2012.04.002
https://doi.org/10.1093/reep/res009
https://doi.org/10.1257/aer.102.2.965
http://pubs.aeaweb.org/doi/pdf/10.1257/aer.102.2.965
http://pubs.aeaweb.org/doi/pdfplus/10.1257/aer.102.2.965
https://doi.org/10.1007/978-1-4614-1665-4_5
https://doi.org/10.2139/ssrn.2165722
https://doi.org/10.2139/ssrn.2192658
https://doi.org/10.2139/ssrn.2205110
https://doi.org/10.4284/0038-4038-78.3.819
https://doi.org/10.1080/10835547.2012.12091349
https://doi.org/10.1162/REST_a_00119
https://doi.org/10.1007/s10940-010-9125-3
https://doi.org/10.1111/j.1539-6924.2011.01674.x
https://doi.org/10.3390/ijerph8061872
https://doi.org/10.1257/aer.101.3.1
http://pubs.aeaweb.org/doi/pdf/10.1257/aer.101.3.1
http://pubs.aeaweb.org/doi/pdfplus/10.1257/aer.101.3.1
https://doi.org/10.1257/aer.101.3.620
http://pubs.aeaweb.org/doi/pdf/10.1257/aer.101.3.620
http://pubs.aeaweb.org/doi/pdfplus/10.1257/aer.101.3.620
https://doi.org/10.1108/17576381111116777
https://doi.org/10.1080/10967494.2011.547819
https://doi.org/10.1111/j.1475-6765.2010.01928.x

271.John B. Loomis. 2011. Incorporating Distributional Issues into Benefit Cost Analysis: Why, How,
and Two Empirical Examples Using Non-market Valuation. Journal of Benefit-Cost Analysis 2:1, 1-24.
[Crossref]

272.Janet Currie,, Reed Walker. 2011. Traftic Congestion and Infant Health: Evidence from E-ZPass.
American Economic Journal: Applied Economics 3:1, 65-90. [Abstract] [View PDF article] [PDF with
links]

273. Janet Currie, Douglas Almond. Human capital development before age five 1315-1486. [Crossref]

274. Janet Currie. 2011. Ungleichheiten bei der Geburt: Einige Ursachen und Folgen. Perspektiven der
Wirtschaftspolitik 12:Supplement. . [Crossref]

275. Alessandro Innocenti, Chiara Rapallini. 2011. Voting by Ballots and Feet in the Laboratory. SSRN
Electronic Journal . [Crossref]

276. Adam Eckerd. 2011. Cleaning Up Without Clearing Out? A Spatial Assessment of Environmental
Gentrification. Urban Affairs Review 47:1, 31-59. [Crossref]

277.Douglas A. Wolf, Anna A. Amirkhanyan. 2010. Demographic Change and Its Public Sector
Consequences. Public Administration Review 70, s12-s23. [Crossref]

278. Robert T. Deacon, Felix Schldpfer. 2010. The Spatial Range of Public Goods Revealed Through
Referendum Voting. Environmental and Resource Economics 47:3, 305-328. [Crossref]

279. Nicolai V. Kuminoff, Christopher F. Parmeter, Jaren C. Pope. 2010. Which hedonic models can we
trust to recover the marginal willingness to pay for environmental amenities?. Journal of Environmental
Economics and Management 60:3, 145-160. [Crossref]

280. Alfredo R. Paloyo, Colin Vance, Matthias Vorell. 2010. THE REGIONAL ECONOMIC EFFECT'S
OF MILITARY BASE REALIGNMENTS AND CLOSURES IN GERMANY. Defence and Peace
Economics 21:5-6, 567-579. [Crossref]

281. Erik Lichtenberg. 2010. Economics of Health Risk Assessment. Annual Review of Resource Economics
2:1, 53-75. [Crossref]

282.Kevin J. Boyle, Nicolai V. Kuminoff, Christopher F. Parmeter, Jaren C. Pope. 2010. The Benefit-
Transfer Challenges. Annual Review of Resource Economics 2:1, 161-182. [Crossref]

283. Mark D. Partridge. 2010. The duelling models: NEG vs amenity migration in explaining US engines
of growth. Papers in Regional Science 89:3, 513-536. [Crossref]

284. Nikhil Agarwal, Chanont Banternghansa, Linda T.M. Bui. 2010. Toxic exposure in America:
Estimating fetal and infant health outcomes from 14 years of TRI reporting. Journal of Health
Economics 29:4, 557-574. [Crossref]

285. H. Spencer Banzhaf, Nathan Lavery. 2010. Can the land tax help curb urban sprawl? Evidence from
growth patterns in Pennsylvania. Journal of Urban Economics 67:2, 169-179. [Crossref]

286. Alfredo R. Paloyo, Colin Vance, Matthias Vorell. 2010. The Regional Economic Effects of Military
Base Realignments and Closures in Germany. SSRN Electronic Journal . [Crossref]

287. Alfredo R. Paloyo, Colin Vance, Matthias Vorell. 2010. Local Determinants of Crime: Do Military
Bases Matter?. SSRN Electronic Journal . [Crossref]

288. Michael Farmer, Clifford Lipscomb. 2010. Using Quantile Regression in Hedonic Analysis to Reveal
Submarket Competition. Journal of Real Estate Research 32:4, 435-460. [Crossref]

289.Emma L. Westling, David N. Lerner, Liz Sharp. 2009. Using secondary data to analyse socio-
economic impacts of water management actions. Journal of Environmental Management 91:2, 411-422.
[Crossref]

290. Christopher Timmins, Wolfram Schlenker. 2009. Reduced-Form Versus Structural Modeling in
Environmental and Resource Economics. Annual Review of Resource Economics 1:1, 351-380. [Crossref]


https://doi.org/10.2202/2152-2812.1044
https://doi.org/10.1257/app.3.1.65
http://pubs.aeaweb.org/doi/pdf/10.1257/app.3.1.65
http://pubs.aeaweb.org/doi/pdfplus/10.1257/app.3.1.65
http://pubs.aeaweb.org/doi/pdfplus/10.1257/app.3.1.65
https://doi.org/10.1016/S0169-7218(11)02413-0
https://doi.org/10.1111/j.1468-2516.2011.00356.x
https://doi.org/10.2139/ssrn.1741104
https://doi.org/10.1177/1078087410379720
https://doi.org/10.1111/j.1540-6210.2010.02242.x
https://doi.org/10.1007/s10640-010-9380-7
https://doi.org/10.1016/j.jeem.2010.06.001
https://doi.org/10.1080/10242694.2010.524778
https://doi.org/10.1146/annurev-resource-040709-135045
https://doi.org/10.1146/annurev.resource.012809.103933
https://doi.org/10.1111/j.1435-5957.2010.00315.x
https://doi.org/10.1016/j.jhealeco.2010.04.002
https://doi.org/10.1016/j.jue.2009.08.005
https://doi.org/10.2139/ssrn.1593475
https://doi.org/10.2139/ssrn.1708022
https://doi.org/10.1080/10835547.2010.12091287
https://doi.org/10.1016/j.jenvman.2009.09.011
https://doi.org/10.1146/annurev.resource.050708.144119

291. Samira Bakhshi, Mohammad Shakeri, M. Rose Olfert, Mark D. Partridge, Simon Weseen. 2009. Do
Local Residents Value Federal Transfers?. Public Finance Review 37:3, 235-268. [Crossref]

292. Meredith Fowlie, Stephen P. Holland, Erin T. Mansur. 2009. What Do Emissions Markets Deliver
and to Whom? Evidence from Southern California's NOx Trading Program. SSRN Electronic Journal
. [Crossref]

293. Douglas S. Noonan. 2008. Evidence of Environmental Justice: A Critical Perspective on the Practice
of EJ Research and Lessons for Policy Design *. Social Science Quarterly 89:5, 1153-1174. [Crossref]

294. H. Spencer Banzhaf, Nathan Lavery. 2008. Can the Land Tax Help Curb Urban Sprawl? Evidence
from Growth Patterns in Pennsylvania. SSRN Electronic Journal . [Crossref]


https://doi.org/10.1177/1091142109331638
https://doi.org/10.2139/ssrn.1416787
https://doi.org/10.1111/j.1540-6237.2008.00568.x
https://doi.org/10.2139/ssrn.1247862

	Do People Vote with Their Feet? An Empirical Test of Tiebout’s Mechanism
	I. Model
	A. Empirical Strategy

	II. Data
	A. Definition of Communities
	B. Census Data
	C. TRI Data
	D. Additional Spatial Variables

	III. Estimation and Results
	A. Estimation Strategy
	B. Scale Effects
	C. Income Effects
	D. Nearest-Neighbor Matching

	IV. Conclusions
	REFERENCES


